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A dataspace should contain all of the information
relevant to a particular organization regardless of its
format and location, and model a rich collection of
relationships between data repositories. Hence, the
authors model a dataspace as a set of participants and
relationships [3].
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providing rankea iosuiw w i users, and supporting
interactive refinement so that users can explore a data
set and incrementally improve their results. A DSSP
should enable a user to specify a search query and
iteratively refine it, when appropriate, to a
database-style query. A key tenet of the dataspaces

approach is that search should be applicable to all of

the contents of a dataspace, regardless of their formats
[4].

Universal search and query should extend to
meta-data as well as data. Users should be able to
discover relevant data sources and inquire about their
completeness. correctness and freshness. In fact, a
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An isomorphism petween > and S 1S a one-to-one
function ¢ mapping S onto S” such that ¢@(xy) =
dX)@P(y) for all x and y in S. If there exists an
isomorphism between S and S’, then S and S” are said to
be isomorphic, denoted S = S’ [5].
An anti-isomorphism between S and S™ is a

one-to-one function ¢ mapping S onto S” such that
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P(xy) = d(y)@(x) for all x and y in S. If there exists an
anti-isomorphism between S and S’, then S and S” are
said to be anti-isomorphic, denoted S~ a S’ [5].

2.2 Useful Theorems
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* For four operations there exists an identity in S.

See Tables 1b, 1g-1h and 1j;

* For four operations there exists a zero in S. See
Tables 1a-1b, 1h and 1p;

* For two operations there exist both an identity and
a zero in S. See Tables 1b and 1h.
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* Although a DSSP offers an integrated means of
searching, querying, updating, and administering the

dataspace, often the same data may also be accessible
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Key: The sc. o = ., p<. Lhisis also

defined as set::key type and set::value_type;
Compare: The key comparison function, a Strict
Weak Ordering whose argument type is key type; it
returns true if its first argument is less than its second
argument, and false otherwise. This is also defined as

set::key compare and set::value compare;
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Alloc: The set’s allocator, used for all internal set<const char*, ltstring> B(b, b + N);
memory management. set<const char*, Itstring> C;
It is also possible for an element of a set to be cout << "The Set A: ";
another set. This is important in order to address the copy(A.begin(), A.end(), ostream iterator<const
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{ 4. Results and Discussion
const int N = 3; This paper proposes an approach for the
const char* a[N] = {"page", '"website", implementation of a dataspace infrastructure to help
"document"}; reduce the time taken to integrate systems. Dataspaces

nn

const char* b[N] = {"honey", "page", "cup"}; is not a data integration technique but rather a data

set<const char*, Itstring> A(a, a + N); co-existence approach.
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Dataspaces hopes to further reduce data integration
time as it attempts to eliminate the need for upfront
semantic integration which is associated with human
involvement in data integration by having integration
on demand.
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The implet..... : ~swn s still a

task far from reality but there is ongoing work to
actualize this infrastructure. It is important to mention
that the current buzz words like cloud computing
would require data integration as any other system.
Cloud computing is about provision of services as

opposed to data integration. Data integration is a need

for cloud service providers.

A dataspace should provide for data coexistence in
any data storage device irrespective of the underlying
data model. The goal is to model the integration that
exists in the human into the dataspace support system.
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