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ABSTRACT

FinTech has been described as the future of banking due to its disruptive effect. However, the
adoption of FinTech by banks in payment, lending and personal banking is low. The purpose of
this research was to examine the determinants of FinTech adoption by commercial banks in Kenya.
The specific objectives were to examine the effects of cost-related factors, customer-related factors
and technology-related factors on Fintech adoption by Kenyan commercial banks. Additionally,
this study sought to examine the moderating effect of banks’ preparedness on the relationship
between the aforementioned factors and FinTech adoption. The theories that anchored this research
were the diffusion of innovation theory and the technology acceptance model. Positivism
philosophy guided the methodology for this study. The cross-sectional descriptive research design
was adopted — this study was observational and collected data from participants at a single point
in time. Respondents in this study were recruited using judgmental sampling. The sample needed
for this research was respondents from the 34 commercial banks in Kenya. Data was gathered
using structured questionnaires, which was distributed to multiple respondents from each bank
including marketing, operations, information technology, human resources and finance managers
working for banks based in Nairobi County using a drop and pick method. Validity of the study
was improved using a pilot study to assess the understandability of the questionnaire and an expert
review. Data analysis was performed using the Statistical Package for Social Science (SPSS)
version 26. A multiple linear regression was used to determine if cost-related, customer-related,
and technology-related factors predicted FinTech adoption by banks. For the first objective, the
results also showed a significant negative effect of cost-related factors on the adoption of FinTech
by commercial banks in Kenya. Regarding the second objective, the result from this study showed
insignificant positive effect of customer-related factors on the adoption of FinTech by commercial
banks in Kenya. For the third objective, the results showed a significant positive effect of
technology-related factors on the adoption of Fintech by commercial banks in Kenya. Regarding
the fourth objective, the findings also indicated that preparedness for Fintech does not have a
moderating effect on the relationship between determinants of Fintech adoption since no
significant interaction effects were observed. Overall, in the final model for predicting FinTech
adoption by commercial banks in Kenya, only cost-related factors and technology-related factors
were included with negative and positive effects respectively. The implication of these findings is
that reducing cost-related factors can improve the adoption of FinTech by commercial banks in
Kenya. These results also suggest that improving technology-related factors can improve the
adoption of FinTech by commercial banks in Kenya. In this respect, FinTech adoption can be
improved by reducing reliance on legacy systems, making FinTech compatible with banking
systems and processes, and developing secure FinTech. Additionally, the findings from this study
suggest that enhancing preparedness can improve the adoption of FinTech by commercial banks
in Kenya. Preparedness can be enhanced by adopting digital innovation strategies, improving
technical capabilities and human resource capabilities, being agile and adaptable, and partnering
with FinTech companies

v



TABLE OF CONTENTS

DECLARATION ... .ot e i
DEDICATION ... .ottt bbb ii
ACKNOWLEDGEMENT ..ottt s iii
ABSTRACT . iv
TABLE OF CONTENTS ... \4
LIST OF TABLES ... ix
LIST OF FIGURES ... X
ABBREVIATIONS AND ACRONYMS. ... ..ot xi
DEFINITION OF KEY TERMS. ..ot xii
CHAPTER ONE ...ttt ettt bbb 1
INTRODUCGTION. ..ottt b et e bt et b e b e e bt nbe et aseenneene s 1
1.1 Background of the STUAY .....ccveiviiieiieiiiieiee e 1
1.1.1 Fintech Adoption by Banks...........cccciiiiiiiiiiiiiciiiic e 1
1.1.2 Determinants of FinTech Adoption by Banks........cccccooiiiiiiniiiiii 2

1.1.3 Commercial Banks in Kenya ........ccccciviiiiiiiiiici e 5

1.2 Statement of the Problem ..ot 6
1.3 General objective of the StUAY.........ccociiiiiiiiii 9
1.3.1 Specific Objectives of the Study.........cceciiiiiiiiiiii 9

1.4 ReSCATCh QUESTIONS ......vvieiiiiieiiiie ettt ettt ettt e e e enb e e e nab e e e nnb e e e nneas 9
1.5 Significance of the STUAY .......coviiiiiiiii e 10
1.5.1 Policymakers and ReguUlators............ocoveiiiiiiiiiiiic e 10
1.5.2 PrACHILIONETS ... veeuveiieiieiee ettt ettt n e enne e e e nnneene e 10

1.5.3 SCROLATS ... 10

1.6 Scope of the ReSEArCh ........ccviiiiiic e 11



1.7 CRAPLET SUMIMATY ...viiiiiiieiiiie ettt e et e e st e e st e e sbb e e nbb e e s bt e e ebbeesbeeeanseas 11

CHAPTER TWO ...ttt 12
LITERATURE REVIEW ... 12
2.1 INErOAUCHION ...ttt 12
2.2 TheoretiCal REVIEW ......cccciiiiiiiiiiiiiie e 12
2.2.1 Diffusion of Innovation ThEeOTY .........ccciiiiiiiiiiiii e 12
2.2.2 Technology Acceptance MoOdel ...........cccoiieiiiiiiiiiic e 14

2.3 EMPITICAl REVIEW.....oiuiiiiiiiiiiiiiee et 15
2.3.1 Cost-related Factors and FinTech adoption ............cccccoiieriiiiiciincece e 15
2.3.2 Customer-related Factors and FinTech adoption .........c.ccccovvvviiiiiininiicniccccc 18
2.3.3 Technology-related Factors and FinTech adoption.............ccccceveieiiiiiiiiiiicnccee 19

2.3.4 Moderating Effect of Banks’ Preparedness on The Relationships Between Cost-related

Factors, Customer-related Factors and Technology-related Factors and The Adoption of

Fintech........ccovvvvrmvvrncncee bl G L b 22

2.4 RESEATCI GAPS ... ceieriiiie ittt sttt et e st e e e e e nnn e e ne e nn e ne e 23
2.5 Conceptual FrameWOTrkK .........ooiiiiiiiiiie it 37
2.6 Chapter SUMIMATY .....civiireeeeensreesressirsssine e aresshessneessnear e sias s e e nmeeaneessee e reesneeanneesnneanneens 42
CHAPTER THREE ........cooiiiiiiiii et 43
RESEARCH METHODOLOGY ....oooviiiiiiiiiiiieie e 43
3.1 INEEOAUCTION ... 43
3.2 Research PhiloSOPRY .......cciiiiiiiiiiiiic s 43
3.3 RESEAICH DIESIZN.....ciiiiiiiiiiiiiieiiiei s 44
3.4 Population 0f the StUAY........coiiiiiiiiiii 44
3.5 Sample Design and TEChNIQUE ..........ccviiriiiiiiiiiiicec s 44
3.6 Data Collection MEthods .........ccciiiiiiiiiiiiiiiee s 45
3.7 Research QUALILY .......ccoiiiiiiiiiiiii s 46



37,1 VAIALY oo ee e e e s e s s eee e eeees e eeee s eene s eeseeennd 46

R ] 11011 1 2SR OP SRR 46

R B 1 1N 1 - ) TSP PPRTPR 47
3.9 Ethical Considerations ..........ccccueiuiiiiiiiiiiiie i s 47
3.10 Chapter SUMIMATY .....oovveriiieiiieiieiesreer ettt b e nb e e e n e e nneers 48
CHAPTER FOUR ...ttt an e 49
presentation of RESULTS ... 49
4.1 TNEOAUCTION ...ttt b bt b et b e n e e b 49
4.2 RESPONSE RALE ... .ottt 49
4.3 Respondents’ Demographic Information .............ccccevveiiiiinieiiiie e 50
4.4 DESCIIPHIVE ANALYSTS ..vviueieiiesiieaiee st esieesiieestee e e seesseeabeesseeesbeesseeabeesneeereesneeaneessneeneens 51
4.4.1 Descriptive Statistics on Cost-related FaCtors ..........cccoovviriieiiiiiieniiiie e 51
4.4.2 Descriptive Statistics on Customer-related Factors ...........cccooeviieiiiiiiiii i 52
4.4.3 Descriptive Statistics on Technology-related Factors...........cccoocoviiviiiiiiiiiiiciinnnn, 54
4.4.4 Descriptive Statistics on Preparedness for Fintech Adoption...........c.ccccovviiiiininnnnn 56
4.4.5 Descriptive Statistics on Fintech AdOption...........cccooiiiiiiiiiiiciiicc 58

4.5 Inferential ANALYSIS ....uoiiiiiiiiiii it 60
4.5.1 Correlation Analysis FINAINES........ccooviiiiiiiiic e 60
4.5.2 RegresS10N ANALYSIS ...cuviiiiiiiiiieeiii e ne e 61
4.6 Chapter SUMIMATY .....cccviiiiiiieirieee et e e s s e s e e e nmeeaneesnneeneen 72
CHAPTER FIVE ...ttt 73
DISCUSSION, CONCLUSION AND RECOMMENDATIONS .......oooiiiiiiieiee e 73
5.1 INEFOAUCTION ...ttt 73
5.2 Summary of Main ReSUILS ........cccviiiiiiii e 73

5.3 Discussion Of FINAINEGS.........cocuiiiiiiiiiiiii s 74

vil



5.3.1 Cost-related Factors and FinTech Adoption ..........ccccoccvviiiiiiiiiiiiien i 74
5.3.2 Customer-related Factors and FinTech Adoption .........cccccceviiiiiiiiniiec i 75
5.3.3 Technology-related Factors and FinTech Adoption ..........ccccovvviiviiiniiies e 76

5.3.4 Moderating Effect of Banks’ Preparedness on the Relationships between Cost-related

Factors, Customer-related Factors and Technology-related Factors and the Adoption of

FINTECR ..o 77

5.4 ReCOMMENAALIONS .....viiuviiiiiiiiiii et 78
5.4.1 Policy RecOmMMENdations. ..........coiueeiiiiiiiiiiieiie st 78
5.4.2 Managerial Recommendations. ...........cocueiiiiiiiiiiiiiii e 78
5.4.3 Theoretical Recommendations............cueiiiiiiiiiiiie i 78

5.5 Study Limitations and Suggestions for Further Research...........c.cccooiiiniiiiiinn, 79
5.6 Chapter SUMIMATY ......ocviiiiiiiiiiiirieiisie e bbb e e nee e s 79
REFERENCES .........cooii i 80
APPENDICES ...t b etk b et b et b et nbe e 920
Appendix [: Letter of INtrodUCION........coviiiiiiiieiccic e 90
Appendix II: Participant Information and Informed Consent............cccooveviniiiiiiiiicnicice 91
Appendix III: Ethical Approval and NACOSTI LiCeNSe .......cccvviiiriiririenieiiiienre e 94
Appendix IV: Research QUESIONNAITE...........covieiiiiiieiiiiieerec e 96
Appendix V: List of Commercial Banks in Kenya ..........c.cocooiiiiiccecee 99

viil



LIST OF TABLES

Table 2.1 Operationalization of variables..............ooiiiiiiiiiii e 25
Table 3.1 Clusters of PartiCIPants ..........ooouiiiiiiiii i et e e et eeeeaeaaaas 45
Table 3.2 Reliability ... 46
Table 4.1: ReSponse Rate .......c.oiiiiiiii e 49
Table 4.3: Frequencies for Cost-related Factors .............ccoviiiiiiiiiiii e 51
Table 4.4: Descriptive Statistics for Cost-related Factors .............ccooiiiiiiiiiiiiii e, 53
Table 4.5: Frequencies for customer-related factors ............ccoooveiiiiiiii i, 54
Table 4.6: Descriptive statistics for customer-related factors ..............cccooeviiiiiiiiiiiniinnnn 53
Table 4.7: Frequencies for Technology-related factors ................coooiiiiiiiiiiiiiiien.. 55
Table 4.8: Descriptive Statistics for Technology-related Factors .....................ocooeiiiiin. 57
Table 4.9: Frequencies for Preparedness for FinTech Adoption ...............coooiiiiiiiiiii... 58
Table 4.10: Descriptive Statistics for Preparedness for Fintech Adoption ........................... 59
Table 4.11: Frequencies for FinTech Adoption...........ovviiiiiiiiiiii e, 60
Table 4.12: Descriptive Statistics for FinTech Adoption ... 60
Table 4.13: COITelations .........o.ueniitit et 61
Table 4.14: NOTMALILY TESES .. ..u ettt ettt et ettt et e et et e et et e et e e e neeaneeneaas 63
Table 4.15: Summary of the Regression Model ...............ooooiiiiiiiiiiiiiiiiiiin, 68
Table 4.16: ANOVA Results for the Regression Model ...............o.ooi 68
Table 4.17: Regression CoeffiCIents .......o.iveiui it 69
Table 4.18: Summary of the Moderated Regression Analysis ...........ccoovviiiiiiiiiiiininnnnnn. 70
Table 4.19: ANOVA Results for Moderated Regression Analysis ...........c.oeveveirininanannnnnn. 71
Table 4.20: Summary of Model Change ............ocoiiiiiiiiii e 71
Table 4.21: Coefficients for Moderated Regression Analysis .............ccoeoiiiiiiiiiiiinininan.. 72

iX



Figure 2.1:
Figure 4.1:
Figure 4.2:
Figure 4.3:
Figure 4.4:
Figure 4.5:
Figure 4.6:
Figure 4.7:
Figure 4.8:
Figure 4.9:

LIST OF FIGURES

Conceptual frameworK ....... ..o 36
Scatter plot — FinTech Adoption and Cost-related factors ...............cocooviiiinni. 59
Scatter plot — FinTech Adoption and Customer-related factors .......................... 60
Scatter Plot — FinTech Adoption and Technology-related factors ....................... 60
Scatter plot — Fintech Adoption and Preparedness ..............coovviiiiiiiiiiiiian.nn. 61
Normal Q-Q Plots — cost-related factors ...........cc.oveiiiiiriiiiiiiii e, 62
Normal Q-Q Plot — Customer-related factors ..............ccoovviiiiiiiiiiiiiiieenn.. 62
Normal Q-Q Plot — Technology-related factors ...............ocooiiiiiii i 63
Normal Q-Q Plot — Preparedness for FinTech Adoption ...................cocoevnen.n. 63
Normal Q-Q Plot — FinTech AdOPtion .......c.evveveeniiniiriniiiiiiiiiieeieeieene, 64



ABBREVIATIONS AND ACRONYMS

Al Artificial Intelligence

AML Anti-money Laundering

ATM Automated Teller Machine

CAGR Compound Annual Growth Rate
CBK Central Bank of Kenya

DOI Diffusion of Innovation

EAC East African Community

FinTech Financial Technology

IT Information Technology

KBA Kenya Bankers Association

KYC Know Your Customer

PEU Perceived Ease of Use

PU Perceived Usefulness

SEM Structural Equation Modelling
SMEs Small and Medium-sized Enterprises
TAM Technology Acceptance Model

TOE Technological, Organizational and Environmental
TPB Theory of Planned Behavior

TRA Theory of Reasoned Action

TRI Technology Readiness Index

UTAUT Unified Theory of Acceptance and Use of Technology

X1



DEFINITION OF KEY TERMS

Cost-related Factors
These are factors related to the costs associated with acquiring and maintaining FinTech
innovations by commercial banks and the expected improvements in financial performance after

adopting FinTech (Baumers et al., 2017; Xie et al., 2021).
Customer-related Factors

These are customer characteristics that can potentially drive banks to adopt FinTechs, such as their

demographics and technological literacy (Pennington, 2016).
FinTech Adoption

FinTech adoption refers to the use of new technologies, such as big data, cloud computing, block
chain and artificial intelligence to deliver financial services. FinTech can be applied in various
areas of banking services, such as payment processing, lending and personal banking (Ozatac &
Gokmenoglu, 2019).

FinTech Preparedness

Preparedness in this study is defined as the readiness of banks to integrate FinTech into their
operations. Preparedness is conceptualized in terms of technical capabilities and human resources
capabilities for implementing FinTech. Preparedness is also described in terms of how a bank is

adaptable and agile as well as partnering with FinTech companies (Schulte & Liu, 2017).
Technology-related Factors

These are factors associated with the technical characteristics of FinTech innovations, such as their

security and compatibility with legacy systems (Hussain et al., 2021)

xii



CHAPTER ONE
INTRODUCTION
1.1 Background of the study

Anotable development in the banking sector is the emergence of financial technologies (FinTechs),
which automates the delivery of existing and new banking products and services to customers
(Wewege & Thomsett, 2019). The adoption of FinTech in the banking sector has been mainly
characterized by offering their customers easy-to-use and convenient digital banking solutions as
a strategy to broaden their client base (Phadke, 2020). FinTech enhances the cost-effectiveness of
banking by automating operations. FinTech also enhancing compliance and transparency in the
banking sector, which can help mitigate operational fraud and risk. FinTech can help banks comply
with regulatory requirements like anti-money laundering (AML) and know your customer (KYC)
norms (Basdekis et al., 2022). Traditional banking relies on an offline system wherein transactions
are conducted in physical locations like bank branches and automated teller machines;
nevertheless, digitization renders the brick-and-mortar approach to banking more redundant.
FinTech is a key driver of digital banking growth globally. FinTech companies use innovative
products and models to offer better financial services with faster delivery times and affordable
prices compared to legacy banks (Basdekis et al., 2022). This potentially explains the higher
growth of FinTech assets globally by 105% during 2013-2022 compared to the growth of
traditional bank assets by 75% (Julija, 2023).

While determinants of FinTech adoption have been examined extensively in research, there is
seems to be scare studies on the focusing on the banking sector, especially in Kenya. Additionally,
there is scant research examining cost-related, customer-related and technology-related factors as

determinants and preparedness as moderators.
1.1.1 Fintech Adoption by Banks

FinTech adoption has been conceptualized in various ways. Kurniasari et al. (2023) defined
FinTech adoption as the preference and interest in using digital payment platforms for business
transaction purposes. According to Matsepe et al. (2022), FinTech adoption is characterized by

implementing technologies that power the fourth industrial revolution - the next era in the



digitization of manufacturing — characterized disruptive trends such as advanced robotics and data
analytics. Coffie et al. (2021) defined FinTech adoption in terms of the diffusion of FinTech in
payment services, such as online payments, card payments, and mobile money. Rahman et al.
(2021) defined Fintech adoption as the adoption of artificial intelligence in the provision of
banking services. Other conceptualizations of FinTech include implementing blockchain
technologies (Deghani et al., 2022; Polas et al., 2022) and mobile peer-to-peer platforms (Dawood
et al., 2022). For this study, FinTech adoption will be defined as the use of new and innovative
technologies, such as big data, cloud computing, block chain and artificial intelligence to deliver

financial services (Clohessy & Acton, 2019).

In addition, FinTech adoption has been operationalized using different indicators in existing
studies. For instance, Matsepe et al. (2022) measured FinTech adoption in terms of using data
analytics and advanced robotics in service delivery. The indicators of FinTech adoption used by
Coffie et al. (2021) included the use of mobile money, card payments and online payments by
banks. Polas et al. (2022) measured FinTech adoption by examining the extent to which banks are
using blockchain technologies in their payment services. In this study, FinTech adoption was
measured in terms of the use of innovative technologies, notably big data, cloud computing,
blockchain and artificial intelligence in the delivery of banking services, including payment
processing, lending and personal banking (Ozatac & Gokmenoglu, 2019). In addition, it is worth
noting that this study focused on the supply side of FinTech adoption (by commercial banks) rather
than the demand side by customers of banks (Clohessy & Acton, 2019). These measures have been

adopted in prior studies (Das & Das, 2020; Frost, 2020).
1.1.2 Determinants of FinTech Adoption by Banks

Numerous determinants of FinTech Adoption have been examined in the literature across various
industries. Most studies on FinTech adoption have focused on the demand-side, exploring the
adoption of FinTech by consumers (Yadav et al., 2020). These determinants of FinTech Adoption
by consumers include perceived usefulness, user attitudes, perceived behavioral control, customer
knowledge, social influence, confidence to use FinTech, trust in FinTech, financial literacy, socio-
demographic attributes include age and fender, and digital literacy (Firmansyah et al., 2023;
Nugraha et al., 2022). For organizations, numerous factors influence FinTech adoption including

costs, concerns surrounding the privacy and security of this technology, the expected benefits to
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customers and the firm’s bottom line, perceived value of FinTech to the firm, technology-
preparedness, and relative advantage (Iwashita, 2022; Xu, 2020; Yadav et al., 2020). Other
determinants examined in the literature include the complexity of the technology, support from the
management, training requirements, regulatory and legal environment, technological
infrastructure, organizational structure and size, organizational resources, customer trust in
FinTech, affordability of FinTech and previous experience with FinTech (Riikkinen & Pihlajamaa,
2022).

The determinants that were the focus of this study included cost-related, customer-related and
technology-related factors and the moderating effect of banks’ preparedness for FinTech. The
reason for selecting these variables is because they have been reported to be significant drivers of
the adoption of other technological innovations (Yadav et al., 2020). The factors were grouped
because the indicators used in each factor are related to each other. While FinTech adoption is
extensively researched, there is lack of agreement in the literature surrounding the aforementioned
categories of determinants. Cost-related factors are variables related to the costs associated with
acquiring and maintaining FinTech innovations by commercial banks and the expected
improvements in financial performance after adopting FinTech (Baumers et al., 2017; Xie et al.,
2021). Cost is widely regarded as a prohibitive factor when it comes to the adoption of technology
by organizations (Iwashita, 2022; Xu, 2020; Yadav et al., 2020). The initial investment in
acquiring, installing and configuring new systems, such as training, testing, integration,
customization, subscriptions, and licenses, can be significant for organizations (Yadav et al., 2020).
The cost of regulatory compliance is also an issue that potentially hinders adoption (Singh et al.,
2022). However, new technologies can lead to productivity and efficiency improvements, leading
to overall cost-cutting in the long-term (Singh et al., 2020). In FinTech, divergent views exist
regarding the association between costs and their adoption. Some studies show the positive effect
of cost savings of FinTech on its adoption in the banking sector (Gezu & Sintayehu, 2017,
Urumsah et al., 2022; Singh et al., 2020) while others show a negative influence of cost on FinTech
its adoption in agricultural and manufacturing sectors considering the costs associated with its
implementation and maintenance (Baumers et al., 2017). For this study, the indicators that were
used to measure cost-related factors included direct financial costs, switching costs from legacy
systems, learning curve costs, and expected improvement in bank performance (Yadav et al.,

2020).



Customer-related factors are customer characteristics that can potentially drive banks to adopt
FinTechs, such as their demographics and technological literacy (Pennington, 2016). Customers
can also play a role in driving organizations to adopt innovative solutions (Frost, 2020). In the era
of the Internet, customers are demanding easy-to-use and convenient banking solutions (Das &
Das, 2020). As a result, banks are motivated to adopt Fintech solutions. At the same time, the
adoption of FinTech by customers varies depending on their demographics with younger
customers being more trusting on innovative banking solutions compared to the older customers.
Technological literacy is also a factor that influences the extent to which customers will embrace
FinTech solutions (Saleem, 2021). In the existing literature, conflicting evidence in the literature
can be found for target customer segmentation and its relationship with FinTech adoption. Some
scholars report that the target customer segments of a bank determine its propensity to adopt
Fintech in the delivery of financial services; therefore, banks will adopt FinTech if it helps to serve
their customers better and if they customers trust and use this technology (Alshari & Lokhande,
2022; Das & Das, 2020; Frost, 2020; Solarz & Swacha-Lech, 2021). Conversely, other scholars
have not reported significant differences in FinTech adoption across various consumer
demographic groups (Singh et al., 2020). The indicators used to measure customer-related factors
in this study were technological literacy of customers, awareness of Fintech amongst customers,

customer demographics (Das & Das, 2020; Frost, 2020).

Technology-related factors associated with the characteristics of FinTechs themselves are also a
key factor to consider when implementing them. As Juita et al. (2022) observes, banks have legacy
systems and implementing FinTech might pose the need to make significant changes in their
operations. The issue of compatibility of these FinTechs, such as cryptocurrency, with banking
processes is also a key concern despite the fact that they can make banking transactions more
secure (Iwashita, 2022). Some studies have identified security and privacy concerns as a
significant barrier to the adoption of FinTech by organizations and consumers alike (Gezu &
Sintayehu, 2017; Iwashita, 2022; Juita et al., 2022; Nangin et al., 2020; Saleem, 2021). However,
for other scholars, privacy and security issues in FinTech are considered acceptable risks that
organizations have to deal with and implement mitigation measures (Hussain et al., 2021; Le,
2021). Therefore, there is lack of clarity regarding how these factors influence the adoption of

FinTech in the banking sectors due to contradictory evidence. For this study, the indicators for



technology-related factors were reliance on legacy systems, compatibility of Fintech, security of

FinTech.

Preparedness constitutes another important variable that can potentially influence FinTech
adoption. Nevertheless, there are conflicting views in the literature regarding the extent to which
banks are prepared to adopt FinTech. There is evidence that some banks are bolstering their
technical and human resource capabilities and partnering with FinTech companies in order to adapt
to the new reality of FinTechs (Coffie et al., 2021; Elsaid, 2021; Matsepe & van der Lingen, 2022;
Rahman et al., 2021; Khatun & Tamanna, 2020; Islam et al., 2021). An estimated 65% of banks
have partnered with at least one FinTech company and 35% of banks have made investments in
FinTech startups (McKinsey, 2018). In this study, preparedness was studied as a moderating
variable due to its influence on the aforementioned determinants. Organizations that are FinTech-
ready are expected to envision the value offered by this technology, ready to absorb costs, have
put measures to mitigate any privacy and safety issues, and implement steps to encourage their
customers use and trust this technology (Bothma et al., 2023). Preparedness in this study will be
measured using having igital innovation strategies, technical capabilities, human resource

capabilities, being adaptable and agile, and partnering with Fintech companies (Yadav et al., 2020).
1.1.3 Commercial Banks in Kenya

The banking industry in Kenya is regulated by the Central Bank of Kenya (CBK). Banks in Kenya
are diverse in terms of ownership (local/foreign), size, customer base (investment, retail and
commercial), number of depositors, and assets (tiers) (Kusimba, 2021). Currently, there are 38
banks operating in Kenya, which can be grouped into three tiers. Tier 1 banks have assets valued
at hundreds of billions of KES coupled with millions of depositors. The assets of Tier 1 banks are
significant such that any failures in these banks can lead to adverse economic implications for the
country. Moreover, Tier 1 banks control nearly half of the market (Muriithi & Louw, 2017; Statista,
2022a). The leading Tier 1 banks include Equity Bank, Kenya Commercial Bank (KCB), the
Cooperative Bank of Kenya, NCBA, Standard Chartered Bank of Kenya, I&M Bank, Absa Bank
(Previously Barclays), Stanbic Bank Kenya and Diamond Trust Bank. Tier 2 banks consist of
medium-sized lenders who control about 41.7% of the market (Statista, 2022b). Some of the Tier
2 banks include Family Bank, Housing Finance, Prime Bank, National Bank, and Ecobank, just to

name a few. Tier 3 banks comprise of small banks controlling about 8.4% of the market. Some of
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the Tier 3 banks in the country include Guardian Bank, Paramount Universal, Credit Bank, ABC

Bank, Sidian Bank, and Fidelity Bank among others (Kusimba, 2021).

FinTech innovations have been instrumental in increasing financial inclusion in Kenya (Opati &
Gachukia, 2019). Furthermore, the advent of mobile money and its subsequent integration into
formal banking systems have been instrumental in increasing access to digital financial services
(Muriithi & Louw, 2017). However, such developments are threatening the future of the banking
sector in the country by taking out their market share. For instance, mobile payments constitute a
significant proportion of transaction processing and money transfers. Alternative app-based means
of sending and receiving money from abroad, such as WorldRemit, Xoom, and Wise, are emerging
and are particularly popular amongst the young demographic (Opati & Gachukia, 2019).
Moreover, app-based lending has increased considerably in recent years, which is reducing
reliance on micro-loans from banks (Mwenda, 2022). Some mobile money platforms, such as M-
Shwari, are offering users an opportunity to save their money (Kusimba, 2021). In 2021, customer
deposits to M-Shwari totaled KES 571 billion, up from KES 320 billion the previous year
(Alushula, 2021). The deposits made to M-Shwari surpassed the deposits made to Equity Bank
(KES 569 billion) and KCB (KES 330 billion) (Alushula, 2021). An inference from this scenario
is that FinTech is revolutionizing financial services and is rivalling traditional banks. As a result,
traditional banks have limited options but to integrate FinTech into their business in order to remain
competitive. Therefore, this research sought to examine the determinants of FinTech adoption by
commercial banks in Kenya, especially cost-related, customer-related and technology-related

factors as well as the moderating effect of preparedness on these determinants.
1.2 Statement of the Problem

While FinTech is clearly disrupting the banking sector, its adoption by Kenyan banks is low
(Kenya Institute for Public Policy Research and Analysis [KIPPRA]. 2020). The Fintech
revolution is adversely affecting banks in terms of profitability and the loss of customers.
Worldwide, FinTech providers, such as neobanks, are undercutting banks in the market (Wewege
& Thomsett, 2019). Similar to global trends, banks in Kenya are experiencing dwindling earnings
partly due to the disruptive effect of FinTech (Kenya Bankers Association [KBA], 2022). Banks
are losing revenues from card payment transactions digital wallets, such as PesaPal and MPESA,

which are perceived as cheaper alternatives and more convenient by customers compared to using
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banks for payment transactions (Wakarima, 2022). Additionally, licensed neobanks (mobile-only
and digital banks) in Kenya, like Branch MFB and Fingo Africa, are gaining inroads into the
market for traditional banking, especially amongst tech savvy consumers (KBA, 2021). This trend
poses a significant challenge to banks that have made enormous investments in legacy systems
and brick-and-mortar facilities. There is widespread agreement that banks risk losing a significant
proportion of their market share to FinTech providers, like telcos, if they do not integrate cutting
edge financial technologies into their business models (Kusimba, 2021; Misati et al., 2020;
Wewege & Thomsett, 2019). Preparedness constitutes one of the strategies that banks can use to
mitigate the disruptive effect of FinTech (McKinsey, 2018). Some approaches adopted by banks
include bolstering their technical and human resource capabilities and partnering with FinTech
companies in order to adapt to the new reality of FinTechs (Coffie et al., 2021; Elsaid, 2021;
Matsepe & van der Lingen, 2022; Rahman et al., 2021; Khatun & Tamanna, 2020; Islam et al.,
2021). Preparedness is a potentially moderating variable because it has no cause-and-effect
association with the determinants of FinTech adoption. For instance, preparedness cannot affect
the cost-related, technology-related and customer-related factors of FinTech adoption. As a result,
there is a need to examine the factors that influence the adoption of FinTechs by banks in order to

better understand why banks are hesitant to embrace FinTech despite its disruptive effect.

A study by Bian et al. (2023) examined the driving factors of FinTech adoption by commercial
banks in China. They employed textual analysis and machine learning to examine the number of
mentions of FinTech related terminologies in the annual reports of these banks as well as the
applications of FinTech by the same banks. The findings of this study showed that the adoption of
FinTech was primarily driven by the expected positive effect on the financial performance of
banks, reduction of risk and the increase in market share of these banks. This study showed that
the adoption of FinTech by Chinese banks is primarily driven by the need to improve business

performance.

In another study, Wonglimpiyarat (2017) explored FinTech as well as its dynamic transitions in the
Thai banking industry. Specifically, the author examined the systemic innovation natire associated
with FinTech innovation. Using a qualitative case study approach, Wonglimpiyarat (2017)

demonstrated that the adoption of FinTech innovations by Thai banks is hindered by the complex



nature of the technology and the limited capabilities of Thai banks in managing FinTech

innovations.

Zhao et al. (2022) provided evidence of how the characteristics of Chinese banks influenced their
propensity to adopt FinTech. Using FinTech development index and Zhao et al. (2022) showed
that state-owned commercial banks in China had lower FinTech capabilities as indicated by patent
claims and applications, which in turn lowered their inclination to adopt this technology. The size
of the bank was also a factor, with smaller banks having a higher propensity to adopt FinTech by
collaborating with external FinTech companies while larger banks relied more on legacy systems.

Zhao et al. (2022) stressed the importance of banks enhancing the FinTech capabilities.

Coetzee (2019) conducted a qualitative study to examine the factors that drive the adoption of
FinTechs by commercial banks in South Africa. Coetzee (2019) adopted a non-positivist,
qualitative approach using the case study design. Their findings showed that commercial banks in
South Africa have adopted a measured risk-averse approach when it comes to implementing

FinTech due to the reliance on legacy systems and a traditionally conservative banking industry.

In Nigeria, Kyari and Akinwale (2020) examined the degree of adoption of FinTechs by
commercial banks in Nigeria. Using cross-sectional descriptive research, the authors found that
the level of FinTech adoption by Nigerian banks is moderate. In this study, the findings revealed a
number of factors positively associated with the adoption of FinTech, which included having in-
house Research and Development activities, acquisition of hardware technology, acquisition of
software technology, and collaborating with external companies involved in the development of
FinTech innovations. The results also suggested that expected positive impact of FinTech on
bank’s financial performance was a driving factor for adoption together with a conducive

regulatory environment.

While studies on the factors affecting the adoption of FinTech by commercial banks are extensive,
they differ in methodologies, concepts and contexts. These factors have not been studied
extensively in the context of developing countries, such as Kenya, where FinTech adoption by
banks is still low. In addition, FinTech adoption has been conceptualized differently in the existing
literature, especially in terms of using digital payment platforms for business transaction processes,
adopting technologies that power the fourth industrial revolution, and adoption of artificial

intelligence. To address this conceptual gap, FinTech adoption was defined as the adoption will be
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defined as the use of new technologies, such as big data, cloud computing, block chain and
artificial intelligence to deliver financial services (Ozatac & Gokmenoglu, 2019). Different
methodologies have also been used when studying FinTech adoption, including qualitative in-
depth interviews, mixed methods, and meta-analyses, which have yielded different findings. This
study adopted the cross-section descriptive design to study FinTech adoption. This research sought
to address these gaps by attempting to examine the influence of cost-related, customer-related and
technology-related factors on the adoption of FinTechs by commercial banks in Kenya as well as

the moderating effect of preparedness on these factors.
1.3 General objective of the Study

The general objective of this research was to examine the factors that influence the adoption of
FinTech by banks in Kenya and the moderating effect of preparedness on the factors that influence

adoption.

1.3.1 Specific Objectives of the Study

The specific objectives of this study are:

1) To determine the effect of cost-related factors on the adoption of FinTech by commercial
banks in Kenya.

2) To determine the effect of customer-related factors on the adoption of FinTech by
commercial banks in Kenya

3) To determine the effect of technology-related factors on the adoption of FinTech by
commercial banks in Kenya

4) To determine the moderating effect of banks’ preparedness on the relationships between
cost-related, customer-related and technology-related factors and the adoption of FinTech

by commercial banks in Kenya.
1.4 Research Questions

The research questions for this study are:

1) What is the effect of cost-related factors on the adoption of FinTech by commercial banks
in Kenya?



2) What is the effect of target customer-related factors on the adoption of FinTech by
commercial banks in Kenya?

3) What is the effect of technology-related factors on the adoption of Fintech by commercial
banks in Kenya?

4) Does preparedness moderate the relationship between the determinants and the adoption

of FinTech by commercial banks in Kenya?

1.5 Significance of the Study
1.5.1 Policymakers and Regulators

The findings from this research revealed the factors enabling and hindering the adoption of
FinTech by leading banks in Kenya. The banking regulator, CBK, can leverage these findings to
enact policies that can incentivize banks to embrace FinTech. The study also revealed the areas

that policy makers might need to address to encourage the adoption of FinTech by banks.
1.5.2 Practitioners

Managers of banks in Kenya might benefit from this research from recommendations that may
help them integrate FinTech into their business models. FinTech is already revolutionizing
banking; thus, banks have to integrate this innovation into their operations. By understanding the
barriers and facilitators of FinTech adoption, banks can be better informed to formulate appropriate
strategies and allocate resources effectively towards increasing their preparedness for the FinTech

revolution.
1.5.3 Scholars

For scholars, this research built on existing literature on the adoption of FinTech in the banking
sector. Research on FinTech adoption is still in its infancy stages. Therefore, findings from the
proposed study expanded extant literature in order to develop a better understanding of the factors
influencing adoption of FinTech by banks in Kenya. From the findings, a model to explain the

adoption of FinTech in the Kenyan banking sector was developed.
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1.6 Scope of the Research

The scope of this study was to examine the determinants of FinTech adoption in Kenyan banks.
While there are numerous determinants of FinTech adoption, this study focused on cost-related
factors, customer-related factors, technology-related factors and the moderating effect of
preparedness on these factors. The scope of FinTech adoption was on payments, lending and
personal banking processes. The methodological scope of this study was quantitative, which was
executed using the descriptive cross-sectional research design. The geographical scope for this
research was Nairobi County, where most banks have their headquarters and vast networks of
branches. In this study, the sample consisted of managers from 34 commercial banks were

surveyed. The time scope for this study was three months: March — May 2024.
1.7 Chapter Summary

This chapter has discussed the background to the study including a brief description of the gaps
that will be addressed. The research problem, objectives, questions, objectives and scope have also
been discussed. In the next chapter, a review of theoretical and empirical literature is provided to

position the study in existing literature.
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CHAPTER TWO
LITERATURE REVIEW
2.1 Introduction

This chapter reviews existing theoretical and empirical literature on the factors that influence the
adoption of FinTech by banks. This chapter is structured as follows: section 2.2 discusses the
theoretical review, section 2.3 discusses the empirical review, section 2.4 presents the research

gap, and the conceptual framework is presented in Section 2.5.
2.2 Theoretical Review

The theories that guided this study were Diffusion of Innovation (DOI) theory and Technology
Acceptance Model (TAM). These theories are discussed in detail in the subsections below as well
as how they are related to the study. Multiple theories were used to inform the study in order to
provide a more comprehensive framework that better explains the variables than using a single

framework.
2.2.1 Diffusion of Innovation Theory

The DOI theory was first proposed in 1962 by Rogers Everett and has been extensively applied to
understand the acceptance and rejection of innovations. This theory describes the process through
which an innovation is communicated amongst members of a social system over time using certain
channels (Lin & Atkin, 2014). The process of innovation commences with being familiar with an
invention and forming attitudes towards it that in turn influence the decision to adopt or reject.
Therefore, DOI is a gradual process wherein a new innovation is transferred by members of a

social system over time using different channels.

The DOI theory outlines five factors that determine the adoption of innovation, which are relative

advantage, trialability, compatibility, complexity, and observability. Relative advantage refers to
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the level to which an innovation is viewed as being better than the current way of doing things.
Compatibility refers to the extent to which an innovation is considered to be aligned with the
current needs, experiences and values of adopters (Torfing & Triantafillou, 2016). Complexity
refers to the level of difficulty of using and understanding an innovation (Lin & Atkin, 2014).
Trialability is the level to which an innovation might be experimented or tried out before full
adoption. Observability is the extent to which others can see the outcomes of adopting an
innovation (Torfing & Triantafillou, 2016). DOI posits that relative advantage, compatibility,
trialability and observability are positively associated with adoption rate whereas complexity is

negatively associated with adoption (Lin & Atkin, 2014).

The DOI theory also groups adopters into five categories based on their rate of adoption, which
are innovators, early adopters, early majority, later majority, and laggards. Innovators are techies
and experimentalists who adopt a new invention immediately when it becomes available (Torfing
& Triantafillou, 2016). Early adopters are visionaries with interest in exploring new innovations
for solving technical issues. The early majority are mainly pragmatists who are comfortable with
new technology and focus on technical problems rather than existing tools to address the problem
(Lin & Atkin, 2014). The late majority consists of conservative people who are skeptical about

new technology. Lastly, laggards lack interest in new technology and seldom adopt innovations.

The DOI theory has a number of strengths. First, it is useful for explaining how new technology
and ideas are adopted and spread in a society. Another strength of the DOI theory is that it outlines
the factors that are likely to influence the rate of adoption, which are the characteristics of adopters
and the innovation as well as the communication channels used for conveying information
regarding the new technology (Torfing & Triantafillou, 2016). The DOI theory is also useful for
predicting the rate of adoption of new technologies and identifying the potential barriers that might
hinder adoption. Despite these strengths, the DOI theory has been subject to criticism on various
grounds. First, this model focuses only on the innovation and does not take into consideration other
complex variables that might influence adoption, such as economic conditions and culture (Zanello
et al., 2016). Additionally, in the current age of disruptive innovations, the diffusion pattern might
differ from the one expected in the theory. The adoption patterns for disruptive innovations follow
an S-shaped curve and not the bell-shaped curve. Despite these limitations, the DOI theory has

been applied in studies spanning multiple disciplines and have yielded consistent findings that
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validate the diffusion process and the theory’s internal consistency and predictive power (Ekdale

et al., 2015; Shibeika & Harty, 2015).

The DOI theory informs the current research by adapting some variables and relationships. The
variable of cost examined in this study can be linked to the concept of relative advantage. In this
regard, the cost of adopting FinTech can lower its relative advantage compared to legacy banking
systems.; thus, it can be expected that cost will be negatively associated with FinTech adoption.
The variable of security and privacy concerns can be tied to the factors of compatibility
(Wonglimpiyarat, 2017). In the banking sector, security and privacy are important considerations
when adopting innovations (Juita et al., 2022). Innovations that threaten the security and privacy
of banks and their customers are less likely to be adopted. FinTech, being an information
technology (IT) innovation, poses some cybersecurity threats to banks, which might in turn
discourage adoption. Overall, DOI helps to explain how the attributes of FinTech influence their

adoption in banks.
2.2.2 Technology Acceptance Model

Fred Davis developed TAM in order to explain the factors that determine the acceptance of
computing technologies. This theory postulates that the willingness of an individual to use a
specific technology in future depends on their behavioral intention, which is influenced by their
perceived ease of use (PEU) and perceived usefulness (PU) (Maranguni¢ & Granié, 2015). PEU
refers to the extent to which an individual believes that the use of a particular technology would
require minimal effort. PU refers to the extent to which a person believes that using a specific
system can enhance performance in terms of effectiveness, efficiency, and usefulness for the job.
TAM is the most popular model for predicting the adoption of technology and explains nearly 40%
of technology adoption or rejection. This model has also been expanded to include organization
and system variables that influence PU and PEU, such as technical capability, training and financial
cost to organizations. The extended TAM model considers the impact of the user environment on
adoption as well as the characteristics of users, such as their self-efficacy and anxiety (Maranguni¢

& Granig, 2015).

TAM has numerous strengths a strong predictive power and internal consistency. TAM also takes

into account social and external influences that impact technology adoption (Taherdoost, 2018).
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This theory has also been used to explain technology adoption in various contexts (organizational
and individual users) and has been applied to a variety of technological innovations. Studies have
also confirmed the validity of the proposed constructs in TAM (Maranguni¢ & Granié, 2015;
Taherdoost, 2018). A limitation of the TAM is that it evaluates technology adoption subjectively
through behavioral intention (Taherdoost, 2018). Overall, the limitations of TAM do not

overshadow its contributions with respect to understanding the process of technology adoption.

TAM will inform the current study by adapting variables related to organizational attributes, which
in this case are target customer segments and banks’ preparedness. The variable of target customer
segments can be tied to perceived usefulness. Banks that perceive FinTech as being useful for its
target customers are expected to have a higher adoption rate compared to those that view this
technology as being unimportant for their customers (Chowdhury & Hussain, 2022). This variable
can also be linked to the relevance of the innovation to the job at hand. Banks that believe that
FinTech enables them to serve their customers better are more likely to adopt compared to those
that see no value in FinTech in terms of improving their service. The variable of preparedness is
adapted from the organizational characteristics that influence technology adoption in the extended
TAM model. Preparedness refers to organizational perceptions regarding their self-efficacy to
adopt the technology (Hu et al., 2019). Banks that believe that they are better prepared to adopt
FinTech are expected to have higher rates of adoption compared to those with low preparedness

perceptions.
2.3 Empirical Review
2.3.1 Cost-related Factors and FinTech adoption

Adoption of new technologies is usually characterized by direct and indirect financial and non-
financial costs, and auxiliary risks. Direct financial costs refer to costs that need explicit cash
outlays, such as hardware investments (costs related to buying new equipment and hardware),
licensing and subscriptions (costs for buying software license). Hardware might also need periodic
upgrade, support and maintenance. Indirect/non-financial costs do not need an explicit cash outlay;
however, they are critical considerations in technology adoption decisions (Xie et al., 2021). Some
indirect costs include switching costs and opportunity costs. Switching costs denote the costs

needed to switch from one technology platform to another, which can take the form of
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implementation and learning curve costs. Implementation costs are linked to adapting existing
environments and systems in order to accommodate the novel technology, such as re-organizing
production lines, changing service providers, and data format conversion (Chesbrough, 2019).
Adopting a new technology also comes with significant learning curve costs, which are
characterized by allocating resources and time to adjust to the use of the new technology through
training employees and educating customers. Technological change also needs some form of
behavior change and extensive practice. Opportunity cost also presents another indirect cost linked
to new technology adoption. This is the cost of adopting technology today instead of waiting for
another superior innovation to emerge in future. Lastly, new technologies have some auxiliary
risks that are considered in the adoption decision, such as platform risk and lock-in (Xie et al.,
2021). Platform risk denotes the failure of a specific platform that the firm is dependent on. Lock-
in risk is the likelihood that an adopter will be locked in to use an inferior technology for an
extended period of time because of high switching costs. People are less likely to adopt a new

technology if they fear that it might be suboptimal after they have committed themselves.

The influence costs on technology adoption have been established in previous studies. Some
studies indicate a negative association between costs and the adoption of FinTech across various
sectors (Baumers et al., 2017; Gezu & Sintayehu, 2017; Iwashita, 2022; Xu, 2020; Yadav et al.,
2020). In the Indian agricultural sector, Yadav et al. (2020) employed a descriptive survey design
and reported that high initial costs and capital investments was one of the significant barriers to
the adoption of Blockchain technologies in the Indian agricultural sector. Similar findings were
reported in a descriptive study by Oliva et al. (2020), who demonstrated cost is a significant barrier
to the uptake of sustainable farming technologies by Zambian farmers. Moreover, the high costs
explained why farmers who had adopted the technology eventually abandoned it. In the
manufacturing sector in the UK, Baumers et al. (2017), using a secondary data analysis, identified
cost as one of the significant factors that hinders the adoption of additive manufacturing

technologies (3D printing).

Similar findings have been reported indicating that perceived high costs hinder the adoption of
FinTech by banking institutions. A panel data study by Xu (2020) reported that high cost of capital
hinders innovation in China. Banks with a higher weighted average cost of capital were less likely

to adopt innovation. Similarly, Gezu and Sintayehu (2017), using a descriptive survey design,
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observed that high investment costs constituted a significant barrier towards the adoption of e-
banking by Ethiopian banks. Gezu and Sintayehu (2017) reported that using e-banking increases
the cost to banks and that banks had to train their personnel to gain the required technical skills for
implementing and maintaining e-banking systems. In Japan, a qualitative study by Iwashita (2022)
attributed low FinTech adoption by banks to high switching costs. Other studies showing the
negative effect of costs on FinTech adoption include Chowdhury and Hussain (2022) in
Bangladesh, Ateik et al. (2020a), Ateik et al. (2020b) in Yemen, Jugurnath et al. (2018) in
Mauritius, and Jin et al. (2019) in Malaysia. On the contrary, some scholars report that cost is not
a significant barrier, especially for large organizations that weight the benefits and costs associated
with adopting FinTech (Urumsah et al., 2022; Singh et al., 2020). These contradictory findings
suggest a lack of clarity regarding the relationship between cost and FinTech adoption. From the
literature, the effect of cost on FinTech adoption remains unclear, especially if perceived benefits

of adoptions are considered.

Regarding risk, new technologies have some auxiliary risks that are considered in the adoption
decision, such as platform risk and lock-in (Xie et al., 2021). Platform risk denotes the failure of a
specific platform that the firm is dependent on. Lock-in risk is the likelihood that an adopter will
be locked in to use an inferior technology for an extended period of time because of high switching
costs. People are less likely to adopt a new technology if they fear that it might be suboptimal after
they have committed themselves. The negative effect of perceived risk on FinTech adoption has
been demonstrated in some studies. Xie et al. (2021), using an explanatory design, reported a
negative association between perceived risk and the intention to adopt internet wealth management
systems in China. Ali et al. (2021) reported a significant negative association between perceived
risk and the intention to adopt Islamic FinTech. On the contrary, the perceived benefits of FinTech
have been reported to have a positive impact on the adoption of this technology (Abdul-Rahim et
al., 2022; Ryu, 2018). Overall, it is difficult to determine the perceived value of FinTech and its
impact on adoption due to differing perspectives on the effects of financial costs. Moreover, the
extent to which FinTech is perceived as beneficial or risky is not clear since most studies have not

examined perceived risk, benefits and cost under a unifying variable of perceived value.

In addition, a study by Bian et al. (2023) examined the driving factors of FinTech adoption by

commercial banks in China. They employed textual analysis and machine learning to examine the
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number of mentions of FinTech related terminologies in the annual reports of these banks as well
as the applications of FinTech by the same banks. The findings of this study showed that the
adoption of FinTech was primarily driven by the expected positive effect on the financial
performance of banks, reduction of risk and the increase in market share of these banks. This study
showed that the adoption of FinTech by Chinese banks is primarily driven by the need to improve

business performance.
2.3.2 Customer-related Factors and FinTech adoption

Customers can also play a role in driving organizations to adopt innovative solutions (Frost, 2020).
In the digital era, customers are demanding easy-to-use and convenient banking solutions (Das &
Das, 2020). As a result, banks might be motivated to adopt Fintech solutions. At the same time,
the adoption of FinTech by customers varies depending on their demographics with younger
customers being more trusting on innovative banking solutions compared to the older customers.
Technological literacy is also a factor that influences the extent to which customers will embrace
FinTech solutions (Saleem, 2021). In the existing literature, conflicting evidence in the literature
can be found for target customer segmentation and its relationship with FinTech adoption. Some
scholars report that the target customer segments of a bank determine its propensity to adopt
Fintech in the delivery of financial services; therefore, banks will adopt FinTech if it helps to serve
their customers better and if they customers trust and use this technology (Alshari & Lokhande,
2022; Das & Das, 2020; Frost, 2020; Solarz & Swacha-Lech, 2021). Conversely, other scholars
have not reported significant differences in FinTech adoption across various consumer

demographic groups (Singh et al., 2020).

Customer segmentation entails dividing a large, diverse customer base into smaller groups of
related customers with common characteristics of relevance to marketing banking
products/services. Banks prioritize customer segmentation to help them offer tailored
products/services. Additionally, understanding the preferences of customers is key in maximizing
up- and cross-selling opportunities (Pennington, 2016). Customer segmentation is also an
important variable in identifying profitable segments and launching innovative services and
products. Customer segmentation by banks can be based on various characteristics including
demographics (age and gender), technological preferences, income, attitudes, personal

preferences, and retail or corporate customers, just to name a few (Pennington, 2016).
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Customer segmentation is an important consideration in FinTech adoption by banks. Studies show
that demographic characteristics influence attitudes towards FinTech adoption by consumers
(Alshari & Lokhande, 2022; Das & Das, 2020; Frost, 2020; Mutiso & Wepukhulu, 2018; Solarz
& Swacha-Lech, 2021). These studies suggest that the target customer segments of a bank
determine its propensity to adopt Fintech in the delivery of financial services. Das and Das (2020)
observed that awareness and use of FinTech services among Indian bank customers was higher in
Generation Z and millennials compared to baby boomers and Generation X customers. Das & Das
(2020) also reported that the adoption of FinTech services was higher amongst younger customers
than older consumers. Likewise, Alshari and Lokhande (2022) examined the effect of
demographics on Yemeni bank customers’ attitudes towards and intention to use FinTech, and
reported that the intent to use FinTech was higher among younger, educated and high-income
customers. Similar results were documented by Frost (2020) who reported that younger consumers
have a higher likelihood of trusting and using FinTech services. The higher adoption of FinTech
amongst younger consumers has also been reported in other studies (Solarz & Swacha-Lech,
2021). Similarly, Mutiso and Wepukhulu (2018) found that younger bank customers in Kenya were
more likely to use online banking compared to older ones. Younger customers surveyed in the
study also reported higher awareness of and trust in online banking than older customers. These
findings suggest that FinTech adoption varies across various customer segments. However, other
scholars have not reported significant differences in FinTech adoption across various consumer
demographic groups (Singh et al., 2020). As a result, it is not clear if customer segmentation can

drive the adoption of FinTech.
2.3.3 Technology-related Factors and FinTech adoption

Technology-related factors associated with the characteristics of FinTechs themselves are also a
key factor to consider when implementing them. As Juita et al. (2022) observes, banks have legacy
systems and implementing FinTech might pose the need to make significant changes in their
operations. The issue of compatibility of these FinTechs, such as cryptocurrency, with banking
processes is also a key concern despite the fact that they can make banking transactions more

secure (Iwashita, 2022).

While FinTech has revolutionized the delivery of financial services, they are replete with several

privacy and security issues (Hussain et al., 2021). Usability and acceptance of FinTech by
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customers requires security and privacy guarantees. In the present information age, customers are
more concerned about their privacy, especially their financial data. Cyberattacks are one of the
leading threats that banks face in this information age (Hussain et al., 2021). A survey of financial
experts revealed that data theft, compromised devices, identity fraud, endpoints security and denial
of service as the most prioritized issues that banks regularly deal with (CSI, 2022). Other security
concerns that banks face include data breaches, mobile malware attacks and ransomware attacks.

With the adoption of FinTech, threats to data security and privacy are heightened.

Security and data privacy concerns represent a barrier to FinTech adoption by banks (Gezu &
Sintayehu, 2017; Iwashita, 2022; Juita et al., 2022; Nangin et al., 2020; Saleem, 2021). These
studies suggest that concerns regarding the privacy and security of FinTech hinder their adoption
by banks. A study by Gezu and Sintayehu (2017) using Ethiopian banks reported that security risks
and lack of trust were barriers to the adoption of e-banking. Respondents in the study reported that
data confidentiality and security issues constitute a key barrier to the adoption of e-banking due to
concerns regarding viruses and hackers. In Japan, Iwashita (2022) identified the risk of
cyberattacks as one of the barriers to the adoption of Fintech by banks. Same views were reaffirmed
in a study by Saleem (2021), who reported a negative association between perceived security and
data risk and FinTech adoption in Pakistani financial institutions. Similarly, Nangin et al. (2020)
reported that perceived security of FinTech was negatively associated with trust, which in turn
hindered its adoption. Similar conclusions were obtained in a systematic review by Juita et al.
(2022) in Indonesia, which identified security and privacy concerns as significant barriers to
adoption. Stewart and Jiirjens (2018) and Herdinata et al. (2018) also identified security of FinTech
as a key barrier to the adoption of FinTech in Germany. The significant effect of organizational
readiness in Fintech adoption was also demonstrated by Clohessy and Acton (2019) and
Mascarenhas et al. (2021) in terms of management support. From these studies, it can be expected
that privacy and security concerns might hinder FinTech adoption. However, for other scholars,
privacy and security issues in FinTech are considered acceptable risks that organizations have to
deal with and implement mitigation measures (Hussain et al., 2021; Le, 2021). Therefore, there is
lack of clarity regarding how these factors influence the adoption of FinTech in the banking sectors

due to contradictory evidence.
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In another study, Wonglimpiyarat (2017) explored FinTech as well as its dynamic transitions in the
Thai banking industry. Specifically, the author examined the systemic innovation natire associated
with FinTech innovation. Using a qualitative case study approach, Wonglimpiyarat (2017)
demonstrated that the adoption of FinTech innovations by Thai banks is hindered by the complex
nature of the technology and the limited capabilities of Thai banks in managing FinTech

innovations.

Zhao et al. (2022) provided evidence of how the characteristics of Chinese banks influenced their
propensity to adopt FinTech using FinTech development index. Zhao et al. (2022) showed that
state-owned commercial banks in China had lower FinTech capabilities as indicated by patent
claims and applications, which in turn lowered their inclination to adopt this technology. The size
of the bank was also a factor, with smaller banks having a higher propensity to adopt FinTech by
collaborating with external FinTech companies while larger banks relied more on legacy systems.

Zhao et al. (2022) stressed the importance of banks enhancing the FinTech capabilities.

Coetzee (2019) conducted a qualitative study to examine the factors that drive the adoption of
FinTechs by commercial banks in South Africa. Coetzee (2019) adopted a non-positivist,
qualitative approach using the case study design. Their findings showed that commercial banks in
South Africa have adopted a measured risk-averse approach when it comes to implementing

FinTech due to the reliance on legacy systems and a traditionally conservative banking industry.

In Nigeria, Kyari and Akinwale (2020) examined the degree of adoption of FinTechs by
commercial banks in Nigeria. Using cross-sectional descriptive research, the authors found that
the level of FinTech adoption by Nigerian banks is moderate. In this study, the findings revealed a
number of factors positively associated with the adoption of FinTech, which included having in-
house Research and Development activities, acquisition of hardware technology, acquisition of
software technology, and collaborating with external companies involved in the development of
FinTech innovations. The results also suggested that expected positive impact of FinTech on
bank’s financial performance was a driving factor for adoption together with a conducive

regulatory environment.
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2.3.4 Moderating Effect of Banks’ Preparedness on The Relationships Between Cost-
related Factors, Customer-related Factors and Technology-related Factors and The
Adoption of Fintech

Customers are increasingly looking for convenient banking solutions, which compels banks to be
innovative and keep up with the FinTech revolution. A global survey by McKinsey (2018) reported
that 80% of executives in top banks are beginning to prepare for changes brought about by
FinTech. An estimated 65% of banks have partnered with at least one FinTech company and 35%
of banks have made investments in FinTech startups. Additionally, Anagnostopoulos (2018)
reported that banks are preparing for the FinTech revolution by implementing regulatory
technology (RegTech), which helps banks in complying with FinTech regulations. Preparedness
can also be enhanced by having a FinTech strategy in place for leveraging and integrating this
innovation into the bank’s operations. Another aspect of preparedness described in the literature is
having a dedicated team to implement FinTech innovation (Schulte & Liu, 2017). Other aspects of
preparedness include being adaptable and agile to make changes in a continually evolving FinTech
environment, a learning organization, having a vision for digital future, building internal
innovation capabilities, procuring/sourcing FinTech solutions externally, and investing in or

acquiring FinTech companies (Acar & Citak, 2019; Coetzee, 2018).

Organizational preparedness has been identified as an important factor that influences technology
adoption (Ndungu & Moturi, 2020). A study by Ndungu and Moturi (2020) in the Kenyan micro-
finance sector demonstrated the significant role played by organizational preparedness in FinTech
adoption. Ndungu and Moturi (2020) measured organizational preparedness in terms of the
capability of IT infrastructure, availability of FinTech implementation strategy (digital-led
strategies), adequacy of resources for FinTech implementation (an annual IT budget for acquiring
technology infrastructure and new FinTech solutions), and having competent and skilled staff for
implementing and maintaining FinTech solutions. Ndungu and Moturi (2020) reported a positive
association between these aspects of organizational preparedness and the adoption of FinTech.
Other elements of preparedness, such as having digital-led strategies, technical capabilities, human
resource capabilities, and partnering with FinTech companies have been reported to have a positive
impact on the adoption of FinTech (Coffie et al., 2021; Elsaid, 2021; Matsepe & van der Lingen,
2022; Rahman et al., 2021; Khatun & Tamanna, 2020; Islam et al., 2021). In addition, Dehghani

22



et al. (2022) and Dawood et al. (2022) reported that the availability of technical knowledge

influenced organization’s decision to adopt financial technologies.
2.4 Research Gaps

A number of gaps have been identified in existing literature that will be addressed in the present
study. First, there are disagreement gaps characterized by inconsistencies in the literature regarding
the relationships between the determinants (cost-related factors, technology-related factors and
customer-related factors) and the adoption of FinTech. Although the topic of FinTech adoption has
been researched extensively, there is lack of clarity surrounding some determinants of FinTech
adoption by organizations, especially in terms of cost-related factors, technology-related factors
and customer-related factors). Some studies show the positive effect of these determinants on
adoption (Alshari & Lokhande, 2022; Das & Das, 2020; Frost, 2020; Solarz & Swacha-Lech,
2021) whereas other indicate insignificant effect (Singh et al., 2020). Hence, the relationship

between these determinants and FinTech adoption is unclear.

Besides disagreement gaps, conceptual gaps have also been found in the literature. In particular,
FinTech adoption has been conceptualized differently in the literature. In the existing literature,
FinTech has been measured using different indicators, including the adoption of mobile money,
card payments and online payments by banks (Coffie et al., 2021), adoption of blockchain
technologies (Oliva et al., 2020; Polas et al., 2022), adoption of e-banking (Gezu & Sintayehu,
2017), and cryptocurrency (Juita et al., 2022). In addition, different studies have used different
determinants with most studies focusing on a single category of determinants (Das & Das, 2020;
Frost, 2020). This study examined cost-related, technology-related, and customer-related

determinants as well as the moderating effect of preparedness on these determinants.

Furthermore, methodological gaps have been identified in the literature. Studies on FinTech
adoption have employed different methodologies, such as descriptive survey design (Oliva et al.,
2020; Yadav et al., 2020; Gezu & Sintayehu, 2017), secondary data analysis (Baumers et al., 2017,
Xu, 2020), and qualitative methods (Iwashita, 2022), which have yielded different findings. This

study adopted the cross-section descriptive design to study FinTech adoption
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Contextual gaps also exist. Existing studies on FinTech adoption have been conducted in the Indian
agricultural sector (Yadav et al., 2020), Zambian agricultural sector (Oliva et al., 2020),
manufacturing sector in the United Kingdom (Baumers et al., 2017), banking institutons in China
(Xu, 2020), Ethopian banks (Gezu & Sintayehu, 2017), Chowdhury and Hussain (2022) in
Bangladesh, Ateik et al. (2020a), Ateik et al. (2020b) in Yemen, Jugurnath et al. (2018) in
Mauritius, and Jin et al. (2019) in Malaysia. Therefore, it is evident that most studies on FinTech
adoption have been conducted in developed countries that differ from developing ones in terms of
the regulatory environment and technological infrastructure. Moreover, determinants differ across
industries. Few studies on FinTech adoption have been conducted in the context of banking sector
of developing countries, like Kenya, that have a unique regulatory environment that differs from
the developed world. Table 2.1 presents the summary of the existing literature on the topic and the

existing gaps identified.
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Table 2.1: Summary of Research Gaps

Authors

Country of
study

Research
methodology
used

Findings

Research Gaps

Focus of the current study

Ndungu and
Moturi (2020)

Kenya

Quantitative
- Descriptive
survey
design

Technology
factors
(availability
and
characteristics),
environmental
characteristics
(government
regulation and
technology
support
infrastructure)
and
organizational
factors
(Resources and
size) were
significant
determinants of
the adoption of
mobile FinTech
by
microfinance
institutions
Kenya

in

Conceptual gap

Present study will also examine
customer-related and  cost-
related factors

Kurniasari et al.
(2023)

Indonesia

Quantitative
-Descriptive
design

The adoption of
FinTech in
organizations

Conceptual and
contextual gaps

Current study will also examine
technology-related factors. The
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was
significantly
influenced by
regulatory
services,
customer trust,
and effort and
performance
expectancy

context of the current study will
be the banking sector in Kenya

Matsepe & van
der Lingen
(2022)

South
Africa

Qualitative
interviews

The adoption of
FinTech  was
reported to be
influenced by
various factors
including
organizational
characteristics,
organizational
leadership,
industry
characteristics,
technology
usability, and
adopter traits.

Conceptual,
methodological
and contextual

gaps

Current study will also focus on
cost-related and  customer-
related factors. The context will
be the banking sector in Kenya
and the methodology will be
descriptive cross-sectional
research design

Coffie et al.
(2021).

Ghana

Quantitative
- Descriptive
design

CEO

characteristics
(education and
age), business
characteristics
(location, age
of business,
nature and
size), and

Conceptual and
contextual gaps

Current study will also focus on
cost-related and  customer-
related factors. The context will
be the banking sector in Kenya.
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FinTech
characteristics
(affordability,
ease of wuse,
accessibility
and type)
significantly
influenced the
diffusion of

FinTech
Payment
Services by
SMEs in Ghana
Gezu & | Ethiopia Quantitative | Security risks, | Conceptual and | Current study will also focus on
Sintayehu - Descriptive | lack of trust, | contextual gaps | cost-related and  customer-
(2017) design data related factors. The context will
confidentiality be the banking sector in Kenya.
and  security
issues were
identified  as
barriers to the
adoption of e-
banking.
Bambore & | Ethiopia Quantitative | Perceived Conceptual and | Current study will also focus on
Singla (2017) - Descriptive | usefulness and | contextual gaps | cost-related and  customer-
design ease of wuse related factors. The context will
were be the banking sector in Kenya.
significant

determinants of
intentions  to
adopt

electronic
banking
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Kurniasari et al. | Indonesia | Quantitative | Government Conceptual and | Current study will also focus on
(2022) - Descriptive | policies and | contextual gaps | cost-related, technology-related
design trust in FinTech and customer-related factors.
were identified The context will be the banking
as  significant sector in Kenya
determinants of
FinTech
adoption by
banks
Rahman et al. | Malaysia Mixed The lack of | Conceptual, Current study will also focus on
(2021) method - | regulatory methodological | cost-related and  customer-
descriptive requirements, and contextual | related factors. The context will
survey and | IT gaps be the banking sector in Kenya
Qualitative | infrastructure and the methodology will be
in-depth and  relevant descriptive cross-sectional
interviews skills, and data research design
security  and
privacy  were
identified  as
significant
challenges of
artificial
intelligence
(AD) adoption
by banking
services in
Malaysia.
Nugraha et al. | Indonesia | Quantitative | Perceived Conceptual, Current study will also focus on
(2022) research usefulness, methodological | cost-related and  customer-
with the | ease of wuse, | and contextual | related factors. The context will
Structural perceived ease | gaps be the banking sector in Kenya
Equation of wuse, user and the methodology will be
Modeling innovativeness,
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(SEM) trust and descriptive cross-sectional
technique government research design
support have a
significant
positive effect
on the intention
to adopt
FinTech by
Indonesian
SMEs
Chowdhury & | Bangladesh | Quantitative | Perceived Conceptual, Current study will also focus on
Hussain (2022) design using | security  and | methodological | cost-related and customer-
SEM cost efficiency | and contextual | related factors. The context will
of FinTech | gaps be the banking sector in Kenya
influenced its and the methodology will be
adoption by descriptive cross-sectional
banks research design
Hu et al. (2019) | Bangladesh | Quantitative | Perceived trust, | Conceptual, Current study will also focus on
design using | perceived methodological | cost-related and  customer-
SEM benefit, and | and contextual | related factors. The context will
facilitating gaps be the banking sector in Kenya
conditions and the methodology will be
significantly descriptive cross-sectional
influenced the research design
adoption of
FinTechs
Khatun & | Bangladesh | Quantitative | The adoption of | Conceptual, Current study will also focus on
Tamanna (2020) design using | FinTech by | methodological | cost-related and  customer-
SEM financial and contextual | related factors. The context will
institutions was | gaps be the banking sector in Kenya
positively and the methodology will be

influenced by
added  value,

descriptive cross-sectional

research design
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perceived

reliability,
facilitating
conditions,
social influence
and effort
expectancy.
Bothma Descriptive, | Perceived Conceptual, Current study will also focus on
Mostert (2023) quantitative | usefulness, methodological | cost-related and  customer-
research ease of use, and | and contextual | related factors. The context will
design and | system quality | gaps be the banking sector in Kenya
structural significantly and the methodology will be
equation influenced the descriptive cross-sectional
modelling implementation research design
(SEM) of  electronic
banking.
Islam Bangladesh | Quantitative | The adoption of | Conceptual, Current study will also focus on
(2021) survey FinTech by | methodological | cost-related and  customer-
financial and contextual | related factors. The context will
institutions was | gaps be the banking sector in Kenya
influenced by and the methodology will be
their perceived descriptive cross-sectional
usefulness, research design
ease of
adapting, and
ease of training
of staff
Polas Bangladesh | Quantitative | The adoption of | Conceptual, Current study will also focus on
(2022) survey blockchain methodological | cost-related and  customer-
technology and | and contextual | related factors. The context will
artificial gaps be the banking sector in Kenya
intelligence and the methodology will be

was influenced
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by the
knowledge of
these
technologies,
perceived ease
of use, and
relative
advantage that
they offer to

descriptive cross-sectional

research design

organizations
Ateik et al. | Yemen Quantitative | Costs, Conceptual, Current study will also focus on
(2020a) survey technology methodological | cost-related and  customer-
competency, and contextual | related factors. The context will
perceived ease | gaps be the banking sector in Kenya
of use, and the methodology will be
perceived descriptive cross-sectional
usefulness and research design
impact on
service quality
were identified
as significant
factors
influencing the
implementation
of FinTech
Ateik et al. | Yemen Quantitative | Technology Conceptual, Current study will also focus on
(2020b) survey competency methodological | cost-related and  customer-
mediated the | and contextual | related factors. The context will
effect of costs, | gaps be the banking sector in Kenya
technology and the methodology will be
competency, descriptive cross-sectional
perceived ease research design
of wuse, and
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perceived
usefulness on
the adoption of
FinTech

Dehghani et al.
(2022)

United
States

Mixed
methods —
qualitative
and
quantitative

Technology-
related factors
including
perceived
interoperability
and perceived
data quality
have a positive
impact  upon
blockchain
adoption
intention.
However, the
effect is
negative for
perceived
technological
volatility,
regulatory
uncertainty,
standardization
uncertainty and
the perceived
lack of
technological
knowledge.

Conceptual,
methodological
and contextual

gaps

Current study will also focus on
cost-related and  customer-
related factors. The context will
be the banking sector in Kenya
and the methodology will be
descriptive cross-sectional
research design

Stewart &
Jiirjens (2018)

Germany

Quantitative
descriptive

Data  security
and customer
trust in

Conceptual,
methodological

Current study will also focus on
cost-related and  customer-
related factors. The context will
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FinTechs
influence their

and contextual
gaps

be the banking sector in Kenya
and the methodology will be

adoption descriptive cross-sectional
research design
Herdinata et al. | Indonesia | Quantitative | Organizational | Conceptual, Current study will also focus on
(2019). descriptive technological methodological | cost-related and  customer-
competence and contextual | related factors. The context will
was a | gaps be the banking sector in Kenya
significant and the methodology will be
factor that descriptive cross-sectional
influences the research design
adoption of
FinTech
Mascarenhas et | Brazil Quantitative | Perceived Conceptual, Current study will also focus on
al. (2021) descriptive | benefits of | methodological | cost-related and  customer-
FinTechs and contextual | related factors. The context will
influenced their | gaps be the banking sector in Kenya
adoption while and the methodology will be
perceived risks descriptive cross-sectional
did not have a research design
significant
effect
Clohessy & | Articles Meta- Support  from | Conceptual, Current study will also focus on
Acton (2019). reviewed analysis top methodological | cost-related and  customer-
obtained management and contextual | related factors. The context will
from and gaps be the banking sector in Kenya
various organizational and the methodology will be
countries readiness  are descriptive cross-sectional

facilitators for
the adoption of
blockchain
technology.
Large

research design
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companies are
more likely to
adopt
blockchain than
small to
medium-sized
enterprises.

Dawood et al.
(2022)

Malaysia

Quantitative
research
with SEM

Perceived
mobile
perceived
convenience,
perceived
economics, and
perceived
mobile ease of
use as the
primary drivers
of mobile peer-
to-peer
platform
adoption

trust,

Conceptual,
methodological
and contextual

gaps

Current study will also focus on
cost-related and  customer-
related factors. The context will
be the banking sector in Kenya
and the methodology will be
descriptive cross-sectional
research design

Xu (2020)

United
States

Quantitative
analysis
using panel
data

Firms exposed
to more
uncertainty and
more
innovative,
while those that
are financially
constrained are
less innovative;
thus, less likely
to be
innovative

Conceptual,
methodological
and contextual

gaps

Current study will also focus on
cost-related and  customer-
related factors. The context will
be the banking sector in Kenya
and the methodology will be
descriptive cross-sectional
research design
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Saleem (2021) Pakistan Quantitative | Relationship Conceptual, Current study will also focus on
survey between methodological | cost-related and  customer-
Fintech and contextual | related factors. The context will
revolution and | gaps be the banking sector in Kenya
Fintech and the methodology will be
adoption descriptive cross-sectional
intention  was research design
negatively
influenced by
perceived risk.
Nangin et al. | Indonesia | Quantitative | Perceived ease | Conceptual, Current study will also focus on
(2020) survey of use and trust | methodological | cost-related and  customer-
in FinTechs | and contextual | related factors. The context will
increased their | gaps be the banking sector in Kenya
adoption and the methodology will be
descriptive cross-sectional
research design
Riikkinen & | Finland Qualitative | Strategic Conceptual, Current study will also focus on
Pihlajamaa case study partnerships methodological | cost-related and  customer-
(2022) and and contextual | related factors. The context will
cooperation gaps be the banking sector in Kenya
between banks and the methodology will be
and FinTechs descriptive cross-sectional
can  increase research design
adoption
Elsaid (2021) Articles Meta- Strategic Conceptual, Current study will also focus on
reviewed analysis partnerships methodological | cost-related and  customer-
obtained and and contextual | related factors. The context will
from cooperation gaps be the banking sector in Kenya
various between banks and the methodology will be
countries and FinTechs descriptive cross-sectional

can increase
adoption

research design
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Jugurnath et al. | Mauritius | Quantitative | Usefulness, Conceptual, Current study will also focus on

(2018) survey ease of wuse, | methodological | cost-related and  customer-
relative and contextual | related factors. The context will
advantage, gaps be the banking sector in Kenya
perceived risk, and the methodology will be
perceived cost descriptive cross-sectional
of FinTechs had research design
an effect on
their adoption

Jin et al. (2019) | Malaysia Quantitative | Usefulness, Conceptual, Current study will also focus on

survey ecase of wuse, | methodological | cost-related and  customer-

relative and contextual | related factors. The context will
advantage, gaps be the banking sector in Kenya

perceived risk,
perceived cost
of  FinTechs
influenced their
adoption

and the methodology will be
descriptive cross-sectional
research design

Source: Researcher (2024)
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2.5 Conceptual Framework

Figure 2.1 depicts the conceptual framework for this research. The independent variables were
cost-related factors, customer-related factors, and technology-related factors. The constructs used
to measure the cost-related factors included direct financial costs, switching costs, learning curve
costs, and expected improvements in bank performance. The indicators for customer-related
factors were technological literacy of customers, awareness of FinTech among customers, and
customer demographics. The indicators of technology-related factors include reliance on legacy
systems, compatibility of FinTechs, and security of FinTechs. The indicators for preparedness
included digital innovation strategies, technical capabilities/infrastructure, human resource
capabilities, being adaptable and agile, and partnerships with FinTech companies. FinTech
adoption will be operationalized in terms of the degree to which banks have integrated FinTech
solutions into their functions such as payment processing, lending, and personal banking. Figure
2.1 shows the conceptual framework for this study. Table 2.2 shows the operationalization of the

variables in the guestionnaire.
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Figure 2.1: Conceptual framework

Cost-related Factors

Direct financial costs

Switching costs from legacy systems
Learning curve costs

Expected improvement in bank
performance

Customer-related factors

Technological literacy of customers

Awareness of FinTechs amongst
customers

Customer demographics

Technology-related Factors

Reliance on legacy systems
Compatibility of FinTech
Security of FinTechs

Source: Researcher (2024)

FinTech Adoption
| * Payment
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T * Personal banking

Preparedness

Digital innovation strategies
Technical capabilities

Human resource capabilities
Being adaptable and agile
Partnering with Fintech companies
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Table 2.1 Operationalization of variables

Variable Specific variable name | Type of | Measurement Literature source
variable

Cost- Direct financial costs Ordinal Five-point  Likert | (Baumers et al.,

related scale items (1 —]2017; Gezu &

factors very low, 2 — low, 3 | Sintayehu, 2017,

— moderate, 4 - |Iwashita, 2022;
high, 5 — very high) | Xu, 2020; Yadav

et al., 2020)
Switching costs from | Ordinal Five-point  Likert | (Baumers et al.,
legacy systems scale items (1 —|2017; Gezu &

very low, 2 — low, 3 | Sintayehu, 2017;
— moderate, 4 - | Iwashita, 2022;
high, 5 — very high) | Xu, 2020; Yadav

etal., 2020)
Learning curve (training | Ordinal Five-point  Likert | (Baumers et al.,
costs) scale items (1 —|2017; Gezu &

very low, 2 — low, 3 | Sintayehu, 2017,
— moderate, 4 — | Iwashita, 2022;
high, 5 — very high) | Xu, 2020; Yadav

etal., 2020)
Expected improvement Five-point  Likert | (Baumers et al.,
on bank performance scale items (1 —|2017; Gezu &

very low, 2 — low, 3 | Sintayehu, 2017,
— moderate, 4 - |Iwashita, 2022;
high, 5 — very high) | Xu, 2020; Yadav

et al., 2020)
Customer- | Technological literacy | Ordinal Five-point  Likert | (Alshari &
related of customers scale items (1 — | Lokhande, 2022;
factors never (not at all), 2 | Das &  Das,
— rarely (not often), | 2020; Frost,
3 — sometimes | 2020; Mutiso &

(from time to time), | Wepukhulu,

4 — very often|2018; Solarz &
(frequently), 5 — | Swacha-Lech,
Always (at all | 2021)

times)
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Variable Specific variable name | Type of | Measurement Literature source
variable
Awareness of FinTechs | Ordinal Five-point  Likert | (Alshari &
among customers scale items (1 — | Lokhande, 2022;
never (not at all), 2 | Das &  Das,
— rarely (not often), | 2020; Frost,
3 — sometimes | 2020; Mutiso &
(from time to time), | Wepukhulu,
4 — wvery often|2018; Solarz &
(frequently), 5 — | Swacha-Lech,
Always (at all | 2021)
times)
Customer demographics | Ordinal Five-point  Likert | (Alshari &
scale items (1 — | Lokhande, 2022;
never (not at all), 2 | Das &  Das,
— rarely (not often), | 2020; Frost,
3 — sometimes | 2020; Mutiso &
(from time to time), | Wepukhulu,
4 — very often |2018; Solarz &
(frequently), 5 - | Swacha-Lech,
Always (at  all | 2021)
times)
Technology | Reliance on legacy | Ordinal Five-point  Likert | (Gezu &
-related systems scale items (1 - | Sintayehu, 2017;
factors very low, 2 — low, 3 | Iwashita, 2022;
— moderate, 4 - |Juitaetal., 2022;
high, 5 — very high) | Nangin et al,
2020;  Saleem,
2021)
Compatibility of | Ordinal Five-point  Likert | (Gezu &
FinTech scale items (1 — | Sintayehu, 2017;
very low, 2 — low, 3 | Iwashita, 2022;
— moderate, 4 - |Juita et al., 2022;
high, 5 — very high) | Nangin et al,
2020;  Saleem,
2021)
Security of FinTech Ordinal Five-point  Likert | (Gezu &

scale items (1 —
very low, 2 — low, 3
— moderate, 4 -
high, 5 — very high)

Sintayehu, 2017;
Iwashita, 2022;
Juita et al., 2022;
Nangin et al,
2020;  Saleem,
2021)
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Variable Specific variable name | Type of | Measurement Literature source
variable
Preparedne | Digital innovation | Ordinal Five-point  Likert | (Ndungu &
ss for | strategies scale items (1 — | Moturi, 2020
FinTech strongly disagree, 2 | ; Coffie et al.,
Adoption — disagree, 3 —|2021; Elsaid,
neither disagree nor | 2021; Matsepe &
agree, 4 —agree, 5— | van der Lingen,
strongly agree) 2022; Rahman et
al., 2021; Khatun
& Tamanna,
2020; Islam et
al., 2021)
Technical capabilities Ordinal Five-point  Likert | (Ndungu &
scale items (1 — | Moturi, 2020
strongly disagree, 2 | ; Coffie et al.,
— disagree, 3 —|2021; Elsaid,
neither disagree nor | 2021; Matsepe &
agree, 4 —agree, 5 — | van der Lingen,
strongly agree) 2022; Rahman et
al., 2021; Khatun
& Tamanna,
2020; Islam et
al., 2021)
Human resource | Ordinal Five-point  Likert | (Ndungu &
capabilities scale items (1 — | Moturi, 2020
strongly disagree, 2 | ; Coffie et al.,
— disagree, 3 —|2021I; Elsaid,
neither disagree nor | 2021; Matsepe &
agree, 4 —agree, 5 — | van der Lingen,
strongly agree) 2022; Rahman et
al., 2021; Khatun
& Tamanna,
2020; Islam et
al., 2021)
Adaptable and agile Ordinal Five-point  Likert | (Ndungu &

scale items (I —
strongly disagree, 2
— disagree, 3 -
neither disagree nor
agree, 4 —agree, 5 —
strongly agree)

Moturi, 2020

; Coffie et al.,
2021; Elsaid,
2021; Matsepe &
van der Lingen,
2022; Rahman et
al., 2021; Khatun

& Tamanna,
2020; Islam et
al., 2021)
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Variable Specific variable name | Type of | Measurement Literature source

variable
Partnering with FinTech | Ordinal Five-point  Likert | (Ndungu &
scale items (1 — | Moturi, 2020
strongly disagree, 2 | ; Coffie et al.,
— disagree, 3 —|2021; Elsaid,
neither disagree nor | 2021; Matsepe &
agree, 4 —agree, 5— | van der Lingen,
strongly agree) 2022; Rahman et
al., 2021; Khatun
& Tamanna,
2020; Islam et
al., 2021)
Dependent Variable
FinTech Payments Ordinal Five-point  Likert
Adoption scale items (1 —

very low, 2 — low, 3
— moderate, 4 -
high, 5 — very high)

Lending Ordinal Five-point  Likert
scale items (1 —
very low, 2 — low, 3
— moderate, 4 -
high, 5 — very high)

Personal banking Ordinal Five-point  Likert
scale items (I —
very low, 2 — low, 3
— moderate, 4 -
high, 5 — very high)

2.6 Chapter Summary

This chapter has review existing theoretical and empirical literature on the topic of FinTech
adoption. The theoretical frameworks that will underpin this study have also been discussed.
Research gaps have been identified, which are mostly inconsistencies in the existing literature with
regard to the relationships between the determinants and FinTech adoption. The next chapter
describes the methodological steps that will be undertaken to collect the data needed to answer the

research queries.
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CHAPTER THREE
RESEARCH METHODOLOGY
3.1 Introduction

This chapter discusses the research methodology for the current study. The chapter is organized as
follows. Section 3.2 addresses research philosophy etc. The elements addressed in this chapter
include the research philosophy, design, population and sampling, data collection, data analysis,

research quality and ethics.
3.2 Research Philosophy

The four research philosophies that can be considered for any research are pragmatism, positivism,
realism and interpretivism. The pragmatism philosophy is based on the assumption that the
research question should support action for it to be relevant (Saunders & Lewis, 2017). As a result,
this philosophy does not recommend any specific approach; instead, the researcher has the
discretion to select the most appropriate method that can produce findings that can support
practical applications. The positivism philosophy is based on the presumption that valid knowledge
is one obtained through observation and measurement in an objective manner that is devoid of the
researcher’s personal views. Positivism is suitable for research studies seeking to explain or predict
phenomena (Saunders & Lewis, 2017). The realism philosophy is based on the notion that the
human mind and reality are independent of each other. The interpretivism philosophy draws on
the view that research should be informed by human interest; thus, emphasis should be on
understanding the unique meanings and thoughts of people regarding phenomena (Saunders &
Lewis, 2017).

This research was underpinned by the positivism philosophy, which is based on the presumption
that objective reality exists and can be observed. Positivism recommends the utilization of
structured methods and deductive approaches to collect and analyze data respectively. This
philosophy also requires large samples in order to produce generalizable findings (Saunders &
Lewis, 2017). The rationale for selecting the positivism philosophy is because its assumptions are
consistent with the nature of the present research. Positivism focuses on making predictions and

explaining phenomena empirically, which is consistent with this study. The current research
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warranted the use of a structured/rigid method to collect data in line with the positivism
philosophy. Similar studies on FinTech adoption have also adopted the positivism philosophy (Das
& Das, 2020; Frost, 2020).

3.3 Research Design

Consistent with positivism, this research adopted the quantitative method. Quantitative research
entails collecting and analyzing numerical data using statistical techniques in order to uncover
relationships between variables (Bell et al., 2022). The quantitative method is aligned with the
objective of this research, which aims to investigate the relationships between FinTech adoption
and other factors including cost-related, technology-related, and customer-related factors. The
specific quantitative design that was used in this research was the descriptive cross-sectional
research design. This design is employed to describe and assess relationships between variables
(Bell et al., 2022), which is consistent with the objective of this study that seeks to investigate the
association between FinTech adoption and determinants including cost-related, technology-
related, and customer-related factors. The unit of analysis was a bank in Kenya. The descriptive
cross-sectional research design has also been adopted in other similar studies on FinTech adoption
(Das & Das, 2020; Frost, 2020).

3.4 Population of the Study

Population refers to the entire group that the findings will be generalized to (Saunders & Lewis,
2017). The population for this research comprised of commercial banks in Kenya. In Kenya, there
are 38 commercial banks (CBK, 2023). The unit of analysis in this study was the bank.

3.5 Sample Design and Technique

Respondents in this study were recruited using judgmental sampling in which respondents were
selected if they meet criteria established by the researcher in terms of their relevance in providing
data needed to answer the research questions (Bell et al., 2022). Respondents consisted of senior
managers working for banks including marketing, finance, operations, human resources, and

information technology managers.

To calculate the sample size needed for this research, Yamane’s formula was utilized (n = N/(1 +

N*e?)), where N is the size of the population while e represents the sampling error. By adopting a
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sampling error of 5% and a population size of 38, n = 38/(1 + 38 X 0.05% = 34. Thus, the
minimum sample size needed were respondents from at least 34 banks. Table 3.1 shows the
distribution of the sample. Marketing, finance, operations, human resources, and information
technology managers from the 34 banks were targeted for survey. « Multiple respondents were

surveyed from each bank.

Table 3.1 Clusters of participants

Clusters Sample size
Marketing managers 34
Operations managers 34

Human resources managers 34
Information technology managers 34

Finance managers 34

Total 170

3.6 Data Collection Methods

Primary data for this study was gathered using structured questionnaires, which contain closed-
ended questions that limit the range of responses that a respondent can provide. Structured
questionnaires were used because they lower the cognitive load for the respondent by reducing the
amount of thinking needed, which can lead to more accurate data and a higher response rate.
Additionally, structured questionnaires are standardized, which makes it easier to code and analyze
(Sekaran & Bougie, 2016). Questionnaires are also effective in gathering vast data from a large
pool of respondents within short durations (Bell et al., 2022). The questionnaire used in this study
consisted of three sections. Section A gathered information on the demographic information of
respondents including their age, gender, education level, and position. In Section B, information
on the determinants were gathered. Lastly, Section C gathered data on the adoption of FinTech by

commercial banks.

Questionnaires will be distributed using a drop and pick approach to the target respondents due to
the difficulty of getting their contacts; hence, the need to make appointments before distributing
the questionnaire. Questionnaires were distributed physically to respondents who will be requested
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to take the survey. In addition, an electronic format of the questionnaire was developed on Google
Forms and distributed using email and WhatsApp to respondents who preferred taking the survey
online. Respondents were asked if they preferred an online survey rather the physical one and their
preferred way of being contacted by either email or WhatsApp. Trained research assistants were

employed to help increase the response rate.

3.7 Research Quality

This section discusses the measures that were taken to enhance the validity and reliability of the

findings of this research.
3.7.1 Validity

Validity refers to the extent to which measures used in a study are accurate (Saunders & Lewis,
2017). First, a pilot study was administered to 30 respondents from non-bank organizations who
evaluated the understandability of the questionnaire. Expert review is the second strategy that was
used to improve content validity (Sekaran & Bougie, 2016). In this regard, the questionnaire was

formulated under the direction of a supervisor from Strathmore University.

3.7.2 Reliability

Reliability is defined as the degree to which the study can produce consistent findings if replicated.
After data collection, Cronbach alpha was calculated to determine if the internal consistency
coefficient is satisfactory, that is, at least 0.7 (Bell et al., 2022). Table 3.2 shows the Cronbach’s
alpha coefficients for the subscales, which affirms the reliability of the questionnaire since they

exceed the threshold coefficient of 0.7.

Table 3.2: Reliability

Variable Cronbach’s Alpha | Number of Items Interpretation
Coefficient

Cost-related factors 0.914 4 Reliable
Customer-related factors | 0.977 3 Reliable
Technology-related 9.969 3 Reliable
factors

Preparedness for FinTech | 0.993 5 Reliable
FinTech adoption 0.941 3 Reliable

Source: Researcher (2024)
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3.8 Data Analysis

Data analysis was performed using the Statistical Package for Social Science (SPSS) version 26.
To describe and summarize data, descriptive statistics, especially frequencies, means and standard
deviations will be used. To answer the research questions, multiple linear regression was used with
FinTech adoption as the dependent variable. The assumptions that were tested for multiple linear
regression are linear relationships between dependent variable and predictors; independence of
distributions; and normal distributions. While the statements for the dependent variable are ordinal;
the final score obtained from the means of the individual statement was a continuous/ratio variable
— hence, linear regression is appropriate. Charts and tables were used to graphically represent the

findings. The regression equation that was used is:

FT = By + B1COF + B,CUF + B;TF+€ ....(1)
FT = By + B,COF * PR + B,CUF * PR + B5TF x PR+€... (2)

Where
FT — FinTech adoption
COF — Cost-related factors
CUF — Customer-related factors
TF —technology related factors
PR - Preparedness

3.9 Ethical Considerations

An important ethical issue that was considered in this research was upholding the principle of
voluntary participation, which required not using any form of coercion to encourage participation.
Instead, participants should be provided with adequate information about the study in the letter of
introduction in order for them to make an informed choice on whether or not to participate. The
second key consideration was respondents’ confidentiality, which required not disclosing any
information about respondents to those who are not involved in the research (Sekaran & Bougie,
2016). The data collected from the research will be kept private in a password-secure computer
that can only be accessed by the researcher. This information will be destroyed one year after the

completion of the research. Seeking ethical approval was also an important consideration, which

47



was done at two levels. First, approval from Strathmore University’s Internal Ethical Review
Committee was sought. Secondly, the National Commission for Science, Technology and

Innovation (NACOST]) also provided approval before any data was collected.

3.10 Chapter Summary

This chapter has discussed the research methodology for the current study. The elements addressed
in this chapter include the research philosophy, design, population and sampling, data collection,
data analysis, research quality and ethics. The study was guided by the positivism philosophy. The
descriptive cross-sectional design was used with data collected using questionnaires administered

to managers of commercial banks in Kenya.
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CHAPTER FOUR
PRESENTATION OF RESULTS
4.1 Introduction

The general objective of this research was to examine the factors that influence the adoption of
FinTech by banks in Kenya and the moderating effect of preparedness on the factors that influence
adoption. This chapter discusses the key findings of this research. In this chapter, the findings are
presented in line with the objectives of this study. The chapter is structured as follows: Section 4.2
presents the response rate, 4.3 is the respondents’ demographic information, 4.4 is the descriptive

analysis, 4.5 is the inferential analysis and 4.6 is the summary of the chapter.

4.2 Response Rate

The response rate is an important aspect that contributes to the validity of a research. A high
response rate indicates that a sample is less likely to be biased (Bell et al., 2022). Conversely, a
lower response indicates a potentially biased and an unrepresentative sample that is likely to skew
the results of a study (Sekaran & Bougie, 2016). For this research, the target sample size was 170
respondents — five managers from 34 banks in Kenya. The researcher collected 148 complete
questionnaires, which shows a response rate of 87%. According to Bell et al. (2022), a response
rate of <60% is adequate for analysis. Therefore, the response of rate of 87% reported in this study
was sufficient to proceed with the analysis and yield generalizable findings. Table 4.1 details the

response rate from this research.

Table 4.1: Response Rate

Category Frequency Percentage
Questionnaires distributed 170 100%
Complete questionnaires returned 148 87%
Questionnaires not returned 22 13%

Source: Researcher (2024)
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4.3 Respondents’ Demographic Information

This section describes the demographic profile information obtained from participants in this
research, which included their age, gender, education level and position in the organization. This

demographic information for respondents is summarized in Table 4.2

Table 4.2: Respondents’ Demographic Profile Information

Frequency Percent
Age 18-25 6 4.1%
26-35 26 17.6%
36-45 43 29.1%
46-55 66 44.6%
56 and above 7 4.7%
Total 148 100.0%
Gender Male 86 58.1%
Female 62 41.9%
Total 148 100.0%
Level of Bachelor's Degree 38 25.7%
Education Master's Degree 96 64.9%
PhD 14 9.5%
Total 148 100.0%
Position Finance Manager 27 18.2%
HR Manager 27 18.2%
Operations 20 13.5%
Manager
IT Manager 49 33.1%
Marketing Manager 25 16.9%
Total 148 100.0%

Source: (Researcher, 2024)

Regarding age, the results showed that the majority of the respondents were aged 46-55 years
(44.6%), followed by those aged 36-45 years (29.1%), 26-65 years (17.6%, 56 and above (4.7%),
and lastly 18-25 years (4.1%). Concerning gender, the majority of the respondents were male
(58.1%) while female respondents constituted 41.9% of the sample. In terms of the level of
education, most respondents indicated having a Master’s Degree (64.9%) as the highest level of
education completed, followed by Bachelor’s Degree (25.7%) and lastly PhD (9.5%). With respect
to the position of respondents in the company, the majority reported that they were IT managers
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(33.1%), followed by finance managers (18.2%), HR managers (18.2%), marketing managers
(16.9%) and lastly operations managers (13.5%).

4.4 Descriptive Analysis

In this section, the descriptive analysis of the variables in this study is presented. The section
presents the descriptive analysis of cost-related factors, customer-related factors, technology

related factors, and preparedness.
4.4.1 Descriptive Statistics on Cost-related Factors

The first objective of this research was to investigate the influence of cost-related factors on the
adoption of FinTech by commercial banks in Kenya. The indicators for cost-related factors that
were used in this study were direct financial costs, switching costs, learning curve costs, and
expected improvements in bank performance. The findings showed that the majority of the
respondents (33.8%) were neutral (neither disagreed nor agreed) that the financial cost of acquiring
and maintaining FinTechs is high. Additionally, most respondents (38.5%) strongly agreed that it
will be costly to switch from legacy systems to adopt FinTech. The results also showed that the
majority of the respondents (37.8%) agreed that the cost of training personnel on FinTech is high.
Lastly, the results showed that most respondents (41.2%) agreed that the expected improvement in
bank performance after adopting FinTech is low. Detailed findings regarding these responses are

provided in Table 4.3.

Table 4.3: Frequencies for Cost-related Factors

Frequency Percent
The financial cost of Strongly Disagree 0 0.0%
acquiring and Disagree 11 7.4%
maintaining FinTechs | Neither Disagree nor Agree 50 33.8%
is high Agree 38 25.7%
Strongly Agree 49 33.1%
Total 148 100.0%
It will be costly to Strongly Disagree 0 0.0%
switch from our Disagree 17 11.5%
legacy systems to Neither Disagree nor Agree 41 27.7%
adopt FinTech Agree 33 22.3%
Strongly Agree 57 38.5%
Total 148 100.0%
Strongly Disagree 0 0.0%
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The costs of training Disagree 9 6.1%
our personnel on Neither Disagree nor Agree 38 25.7%
FinTechs is high Agree 56 37.8%

Strongly Agree 45 30.4%

Total 148 100.0%
The expected Strongly Disagree 1 0.7%
improvement in bank | Disagree 1 0.7%
performance after Neither Disagree nor Agree 51 34.5%
adopting FinTech is Agree 61 41.2%
low Strongly Agree 34 23.0%

Total 148 100.0%

The descriptive statistics for cost-related factors are shown in Table 4.4. The results suggested that
the financial cost of acquiring and maintaining FinTech is high (Mean = 3.84, Standard Deviation
= 0.974). The findings also indicated that it is costly to switch from legacy systems to FinTech
(Mean = 3.88, Standard Deviation = 1.056). In addition, the results indicated that FinTech training
costs are high (Mean = 3.93, SD = 0.897) whereas the expected improvement in bank performance
after adopting FinTech is low (Mean = 3.85, Standard Deviation = 0.803). The overall mean score
for cost-related factors was 3.875 (Standard Deviation = 0.8358), suggesting high costs associated

with adopting FinTech. These findings are summarized in Table 4.4.

Table 4.4: Descriptive Statistics for Cost-related Factors

N Mean Standard
Deviation

The financial cost of acquiring and 148 3.84 974
maintaining FinTechs is high
It will be costly to switch from our legacy 148 3.88 1.056
systems to adopt FinTech
The costs of training our personnel on 148 3.93 .897
FinTechs is high
The expected improvement in bank 148 3.85 .803
performance after adopting FinTech is low
Overall Mean for Cost-related Factors 148 | 3.8750 .83580

Source: Researcher (2024)

4.4.2 Descriptive Statistics on Customer-related Factors

The second objective of this research was to examine the effect of customer-related factors on the
adoption of FinTech by commercial banks in Kenya. The indicators that were used for customer-

related factors included technological literacy of customers, awareness of FinTech among
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customers, and customer demographics. The results showed that there was an equal proportion of
respondents (26.4%) who either strongly disagreed or were neutral (neither disagreed nor agreed)
that their customers have high technological literacy levels. In addition, most respondents (29.1%)
reported that their customers are not aware of FinTechs. Lastly, the majority (31.1%) strongly
disagreed that they segment their customers based on demographics. Detailed findings on these

responses are presented in Table 4.5

Table 4.5: Frequencies for customer-related factors

Frequency Percent
Our customers have a | Strongly Disagree 39 26.4%
high technological Disagree 29 19.6%
literacy Neither Disagree nor Agree 39 26.4%
Agree 34 23.0%
Strongly Agree 7 4.7%
Total 148 100.0%
Our customers are Strongly Disagree 43 29.1%
aware of FinTechs Disagree 39 26.4%
Neither Disagree nor Agree 30 20.3%
Agree 30 20.3%
Strongly Agree 6 4.1%
Total 148 100.0%
We segment our Strongly Disagree 46 31.1%
customers based on Disagree 34 23.0%
demographics Neither Disagree nor Agree 44 29.7%
Agree 18 12.2%
Strongly Agree 6 4.1%
Total 148 100.0%

The descriptive statistics suggested that customers of commercial banks in Kenya have moderate
technology literacy (Mean = 2.6, Standard Deviation = 1.233). The results also suggest moderate
awareness of FinTechs among customers of commercial banks in Kenya (Mean = 2.44, Standard
Deviation = 2.35). In addition, the results indicated that there is moderate customer segmentation
based on demographics in commercial banks in Kenya (M = 2.35, Standard Deviation = 1.16). The
overall mean for customer related factors was 2.464 (Standard Deviation = 1.1778). These findings

are presented in Table 4.6.
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Table 4.6: Descriptive statistics for customer-related factors

N Mean Standard
Deviation

Our customers have a high technological 148 2.60 1.233
literacy
Our customers are aware of FinTechs 148 2.44 1.219
We segment our customers based on 148 2.35 1.160
demographics
Overall Mean for Customer Related Factors 148 2.4640 1.17780

Source: Researcher (2024)

4.4.3 Descriptive Statistics on Technology-related Factors

The third objective of this research was to examine the influence of technology-related factors on
the adoption of FinTech by commercial banks in Kenya. The technology-related factors that were
examined were reliance on legacy systems, compatibility of FinTechs, and security of FinTechs.
The majority of the respondents (40.5%) were neutral (neither disagreed nor agreed) when asked
whether their bank was conservative one that is dependent on legacy systems. The findings also
showed that most respondents (29.7%) were neutral regarding the compatibility of FinTech with
their processes and systems. In addition, the majority of respondents (27.7%) strongly disagreed

that the security of FinTech is a major concern for their banks. These findings are detailed in Figure

4.7.
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Table 4.7: Frequencies for Technology-related factors

Frequency Percent
We are a conservative bank that is Strongly Disagree 47 31.8%
extremely reliant on our legacy Disagree 21 14.2%
systems Neither Disagree nor 60 40.5%
Agree
Agree 9 6.1%
Strongly Agree 11 7.4%
Total 148 100.0%
FinTech might not be compatible Strongly Disagree 41 27.7%
with our systems and processes Disagree 32 21.6%
Neither Disagree nor 44 29.7%
Agree
Agree 25 16.9%
Strongly Agree 6 4.1%
Total 148 100.0%
The security of FinTech is a major Strongly Disagree 41 27.7%
concern for our bank Disagree 31 20.9%
Neither Disagree nor 39 26.4%
Agree
Agree 29 19.6%
Strongly Agree 8 5.4%
Total 148 100.0%

Source: Researcher (2024)

The descriptive statistics suggested that commercial banks in Kenya are moderately conservative
when it comes to relying on legacy systems (Mean = 2.43, Standard Deviation = 1.207). The
analysis also suggested that commercial banks in Kenya have systems and processes that are
moderately compatible with FinTech (Mean = 2.48, Standard Deviation = 1.181). In addition, the
results showed that the security of FinTech is a moderate concern for commercial banks in Kenya
(Mean = 2.54, Standard Deviation = 1.237). The overall mean for technology related factors was
2.4842 (Standard Deviation = 1.1731). These findings are illustrated in Table 4.8
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Table 4.8: Descriptive Statistics for Technology-related Factors

N Mean Standard

Deviation
We are a conservative bank that is extremely reliant on 148 2.43 1.207
our legacy systems
FinTech might not be compatible with our systems and 148 2.48 1.181
processes
The security of FinTech is a major concern for our bank 148 2.54 1.237
Overall Mean for Technology Related Factors 148 2.4842 1.17310

Source: Researcher (2024)
4.4.4 Descriptive Statistics on Preparedness for Fintech Adoption

The fourth objective of this research was to determine the moderating effect of banks’ preparedness
on the relationships between cost-related, customer-related and technology-related factors and the
adoption of FinTech by commercial banks in Kenya. The indicators used to measure preparedness
for FinTech adoption were digital innovation strategies, technical capabilities/infrastructure,
human resource capabilities, being adaptable and agile, and partnerships with FinTech companies.
The majority of respondents strongly disagreed that their bank has a digital innovation strategy
(27.7%). The results also indicated that most respondents strongly disagreed (29.1%) that their
banks have the technical infrastructure needed to implement FinTech. In addition, most
respondents strongly disagreed (26.4%) that their banks had adequate skilled staff for FinTech.
The findings also indicated that most respondents strongly disagreed (27.7%) that their banks are
agile and adaptable and can rapidly adapt to implement FinTech. Most respondents also strongly
disagreed (31.1%) that their banks have partnered with or acquired FinTech firms. These findings

are presented in detail in Table 4.9
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Table 4.9: Frequencies for Preparedness for FinTech Adoption

Frequency Percent
We have a digital innovation strategy — Strongly Disagree 41 27.7%
the bank envisions a future of digital Disagree 35 23.6%
banking Neither Disagree 28 18.9%
nor Agree
Agree 28 18.9%
Strongly Agree 16 10.8%
Total 148 100.0%
Technical capabilities — technical Strongly Disagree 43 29.1%
infrastructure needed to implement Disagree 29 19.6%
FinTech is available Neither Disagree 22 14.9%
nor Agree
Agree 42 28.4%
Strongly Agree 12 8.1%
Total 148 100.0%
Human resource capabilities — the bank | Strongly Disagree 39 26.4%
has adequate skilled staff for FinTech Disagree 28 18.9%
Neither Disagree 35 23.6%
nor Agree
Agree 31 20.9%
Strongly Agree 15 10.1%
Total 148 100.0%
Adaptable and agile — the bank can Strongly Disagree 41 27.7%
rapidly adapt to changes in the market Disagree 36 24.3%
Neither Disagree 26 17.6%
nor Agree
Agree 30 20.3%
Strongly Agree 15 10.1%
Total 148 100.0%
Partnering with FinTech — the bank has Strongly Disagree 44 29.7%
partnered with or acquired FinTech Disagree 46 31.1%
companies Neither Disagree 16 10.8%
nor Agree
Agree 29 19.6%
Strongly Agree 13 8.8%
Total 148 100.0%

Source: Researcher (2024)
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The descriptive analysis suggested that the commercial banks in Kenya are moderately prepared
in terms of having a digital innovation strategy (Mean = 2.61, Standard Deviation = 1.353),
technical capabilities (Mean = 2.67, Standard Deviation = 1.367), human resource capabilities
(Mean = 2.7, Standard Deviation = 1.33), being adaptable and agile (Mean = 2.61, Standard
Deviation = 1.348), and partnering with FinTech firms (Mean = 2.47, Standard Deviation = 1.332).
The overall mean for preparedness for Fintech adoption was 2.6108 (Standard Deviation =

1.32804), which suggests moderate preparedness. These findings are presented in Table 4.10.

Table 4.10: Descriptive Statistics for Preparedness for Fintech Adoption

N Mean Standard
Deviation

We have a digital innovation strategy — the 148 2.61 1.353
bank envisions a future of digital banking
Technical capabilities — technical 148 2.67 1.367
infrastructure needed to implement FinTech is
available
Human resource capabilities — the bank has 148 2.70 1.333
adequate skilled staff for FinTech
Adaptable and agile — the bank can rapidly 148 2.61 1.348
adapt to changes in the market
Partnering with FinTech — the bank has 148 2.47 1.332
partnered with or acquired FinTech companies
Preparedness for Fintech Adoption 148 2.6108 1.32804

Source: Researcher (2024)

4.4.5 Descriptive Statistics on Fintech Adoption

FinTech adoption was the dependent variable, which was measured using the degree to which
banks have integrated FinTech solutions into their functions such as payment processing, lending,
and personal banking. The majority of the respondents indicated that FinTech adoption in
payments was low (31.8%). Most respondents also showed that FinTech adoption in lending was
moderate (35.8%) while FinTech adoption in personal banking was moderate (37.8%). These

findings are summarized in Table 4.11.
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Table 4.11: Frequencies for FinTech Adoption

Count Percent
Fintech Adoption in Very low 31 20.9%
payments Low 47 31.8%
Moderate 31 20.9%
High 23 15.5%
Very high 16 10.8%
Total 148 100.0%
Fintech Adoption in Very low 39 26.4%
lending Low 29 19.6%
Moderate 53 35.8%
High 16 10.8%
Very high 11 7.4%
Total 148 100.0%
Fintech Adoption in Very low 42 28.4%
personal banking Low 47 31.8%
Moderate 56 37.8%
High 3 2.0%
Very high 0 0.0%
Total 148 100.0%

Source: Researcher (2024)

The descriptive statistics showed that Fintech adoption in payments was moderate (Mean = 2.64,
Standard Deviation = 1.273). similarly, the adoption of FinTech in lending (M = 2.53, Standard
Deviation = 1.203) and personal banking (M = 2.14 = 0.854) was moderate. The overall mean for
FinTech adoption was 2.4347 (Standard Deviation = 1.06384), which suggests moderate adoption.
These findings are presented in Table 4.12.

Table 4.12: Descriptive Statistics for FinTech Adoption

N Mean Standard

Deviation
Fintech Adoption in payments 148 2.64 1.273
Fintech Adoption in lending 148 2.53 1.203
Fintech Adoption in personal banking 148 2.14 .854
FinTech Adoption 148 | 2.4347 1.06384
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Source: Researcher (2024)

4.5 Inferential Analysis

This section presents the findings of inferential analysis including correlations and multiple linear

regressions. The diagnostic tests for regression analysis are also presented.

4.5.1 Correlation Analysis Findings

Pearson Correlation analysis shows if the direction, strength and significance of the association

between variables (Bell et al., 2022). Table 4.13 shows the results of the Pearson correlation

analysis.

Table 4.13: Correlations

Cost- Customer Preparedness Technology FinTech
related Related for Fintech Related Adoption
Factors Factors Adoption Factors
Cost- r i
related Sig
Factors
Customer | r -.928" 1
Related Sig. .000
Factors
Preparedn | r -.943™ 985" 1
ess for Sig. .000 .000
Fintech
Adoption
Technolo | r -.899™ 986" 972" 1 964"
gy Sig. .000 .000 .000 .000
Related
Factors
FinTech r -.937" 973" 979™ 964" 1
Adoption | Sig. .000 .000 .000 .000
** Correlation is significant at the 0.01 level (2-tailed).

Source: Researcher (2024)

The findings show significant correlations between the independent variable (FinTech Adoption)

and independent variables. The results showed a significant strong negative association between

cost-related factors and Fintech adoption by commercial banks in Kenya (r = -0.937, p = 0.00).

The results also indicated a strong positive correlation between FinTech adoption and customer-
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related factors (r =0.973, p = 0.00). In addition, a significant strong positive correlation was found
between FinTech adoption and preparedness (r = 0.979, p = 0.00). A positive correlation was also

found between FinTech adoption and technology-related factors (r = 0.964, p = 0.00).
4.5.2 Regression Analysis

A regression analysis was performed to examine the relationship between FinTech adoption as the
independent variable and cost-related factor, customers related factors and technology related
factors as independent variables, and preparedness for FinTech adoption as the moderator. Prior to
the performing the multiple regression analysis, diagnostics were performed to determine if the

data violated any assumptions needed for this test and whether appropriate remedies were needed.
4.5.2.1 Diagnostics results

The first diagnostic test for multiple linear regression was to establish linearity — linear relationship
between the dependent variables and the independent variables. Linearity can be determined using
scatter plots and visually inspecting them to determine if a linear relationship exists between the
variables. Figures 4.1 — 4.5 shows the scatter plots between cost-related factors and the adoption
of FinTech, customer-related factors and the adoption of FinTech, technology-related factors and
the adoption of FinTech, and preparedness and the adoption of FinTech. The scatter plots confirm
that the requirement of linearity was met as shown by points in the scatter plot being close to the

fit line.

61



Figure 4.1: Scatter plot — FinTech Adoption and Cost-related factors

Simple Scatter with Fit Line of FinTech Adoption by Cost-related Factors
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Figure 4.2: Scatter plot — FinTech Adoption and Customer-related factors

Simple Scatter with Fit Line of FinTech Adoption by Customer Related Factors
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Figure 4.3: Scatter Plot — FinTech Adoption and Technology-related factors
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Simple Scatter with Fit Line of FinTech Adoption by Technology Related Factors

5.00

° ° ° o °
c 400 o °
2
8 ° °
S
< ° ° °
?
O 300 ° ° °
L
[
£ ° °
w
° [ e °
200 ° o °
° °
° (]
1.00 o
1.00 200 3.00 400 500

Technology Related Factors

Source: Researcher (2024)

Figure 4.4: Scatter plot — Fintech Adoption and Preparedness

Simple Scatter with Fit Line of FinTech Adoption by Preparedness for Fintech Adoption
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Another important diagnostic test for multiple linear regression is normality, which requires
normal distribution of variables. Normality can be tested using the Shapiro-Wilk test — a

significance value of <0.05 confirms normality, which are established in Table 4.14. In addition,

63



normal Q-Q plots, characterized by the data points being close to the diagonal line, confirm the
normality of the data.

Table 4.14: Normality tests

Kolmogorov-Smirnov? Shapiro-Wilk
Statistic df Sig. Statistic df Sig.

Cost-related Factors 180 148 .256 901 148 311
Customer Related 157 148 301 914 148 399
Factors

Technology Related 161 148 297 913 148 .385
Factors

Preparedness for 151 148 425 .898 148 370
Fintech Adoption

FinTech Adoption 118 148 .298 .933 148 .358

Source: Researcher (2024)

Figure 4.5: Normal Q-Q Plots — cost-related factors

Normal Q-Q Plot of Cost-related Factors
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Source: Researcher (2024)
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Figure 4.6: Normal Q-Q Plot — Customer-related factors

Normal Q-Q Plot of Customer Related Factors
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Source: Researcher (2024)

Figure 4.7: Normal Q-Q Plot — Technology-related factors

Normal Q-Q Plot of Technology Related Factors
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Source: Researcher (2024)
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Figure 4.8: Normal Q-Q Plot — Preparedness for FinTech Adoption

Normal Q-Q Plot of Preparedness for Fintech Adoption
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Source: Researcher (2024)

Figure 4.9: Normal Q-Q Plot — FinTech Adoption
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The independence of observations constitutes another important assumption that must be met for
regression analysis. This assumption requires that respondents should be independent of each
other, which implies no use of repeated measures. Independence of observations cannot be tested
statistically since is a research design issue. Being a descriptive cross-sectional research design,
respondents were surveyed once. Taken together, the data satisfied all the assumptions needed to

perform a multiple linear regression.
4.5.2.2 Multiple Linear Regression Analysis

A multiple regression analysis was performed to examine the relationship between the adoption of
Fintech by commercial banks in Kenya (the dependent variable) and the independent variables
consisting of cost-related, customer-related and technology-related factors as well as preparedness.

A summary of the regression model is presented in Table 4.15

Table 4.15: Summary of the Regression Model

Model R R Square Adjusted R Std. Error of the
Square Estimate
1 .9822 965 .964 .20304

a. Predictors: (Constant), Preparedness for Fintech Adoption, Cost-related Factors,
Technology Related Factors, Customer Related Factors

The results in Table 4.15 show an R-square of 0.965, suggesting that 96.5% of the variance in the
adoption of FinTech by commercial banks in Kenya can be explained by the independent variables
incorporated in the model, which include cost-related factors, customer-related factors,
technology-related factors and preparedness for FinTech adoption. The value of R-square shows
that the model has a good predictive ability; hence, cost-related factors, customer-related factors,
technology-related factors and preparedness for FinTech adoption are strong predictors of adoption
of FinTech by commercial banks in Kenya. The analysis of variance results for the regression are

presented in Table 4.16.

Table 4.16: ANOVA Results for the Regression Model for Determinants

Model Sum of df Mean F Sig.
Squares Square
1 Regressio 160.473 4 40.118 | 973.15 .000°
n 8
Residual 5.895 143 .041
Total 166.369 147
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a. Dependent Variable: FinTech Adoption
b. Predictors: (Constant), Preparedness for Fintech Adoption, Cost-related
Factors, Technology Related Factors, Customer Related Factors

The analysis of variance results indicated that the value of F-statistics was 973.158 with a p-value
of 0.00 (F (4, 143) = 973.158, p < 0.05. Therefore, the regression model was significant in
explaining the adoption of FinTech by commercial banks in Kenya using the independent variables
consisting of cost-related factors, technology-related factors, customer-related factors, and
preparedness for Fintech adoption. In addition, the collinearity diagnostics suggested that there is
no problem of multi-collinearity in the model. VIF values that are greater than 5 indicate severe
correlation between the independent variables in the model, which can lead to an unreliable
estimated coefficients and p-values. As shown in Table 4.17, the VIF values for the independent

variables are 1-5. Table 4.17 also shows the correlation coefficients

Table 4.17: Regression Coefficients

Model Unstandardized Standardized t Sig. Collinearity Statistics
Coefficients Coefficients
B Std. Beta Tolerance VIF
Error
1 (Constant) 1.442 341 4.232 .000
Cost-related -.206 .063 -.162 - .001 .102 2.354
Factors 3.284
Customer Related .040 122 .044 .324 746 .014 2.248
Factors
Technology 225 .090 248 | 2.499 .014 .025 3.401
Related Factors
Preparedness for 434 .083 .542 5.209 .000 .023 2.965
Fintech Adoption
a. Dependent Variable: FinTech Adoption

The results in Table 4.17 showed a constant value of 1.442, which was statistically significant (p
<0.05). The results also showed a significant negative effect of cost-related factors on the adoption
of Fintech by commercial banks in Kenya (f = 0.206, p <0.05). Therefore, for every unit change
in cost-related factors, there will be an expected unit change in the adoption of Fintech by
commercial banks in Kenya by 0.206. These results suggest that reducing cost-related factors can

improve the adoption of FinTech by commercial banks in Kenya.

The findings showed an insignificant positive effect of customer-related factors on the adoption of

FinTech by commercial banks in Kenya ( = 0.04, p >0.05).
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The results also showed a significant positive effect of technology-related factors on the adoption
of Fintech by commercial banks in Kenya (B = 0.225, p <0.05). Therefore, for every unit change
in technology-related factors, there will be an expected unit change in the adoption of Fintech by
commercial banks in Kenya by 0.225. These results suggest that improving technology-related

factors can improve the adoption of FinTech by commercial banks in Kenya.

The results also indicated significant positive effect of preparedness on the adoption of Fintech by
commercial banks in Kenya (B = 0.434, p <0.05). Consequently, for every unit change in
preparedness, there will be an expected unit change in the adoption of Fintech by commercial
banks in Kenya by 0.434. These results suggest enhancing preparedness can improve the adoption

of FinTech by commercial banks in Kenya. From these findings, the new regression model is:

FT = 1.442 — 0.206COF + 0.225TF + 0.434PR

Where
FT — FinTech adoption
COF — Cost-related factors
TF —technology related factors
PR - Preparedness

4.5.2.3 Moderation Analysis

A moderated regression analysis was performed to determine the moderating effect of
preparedness on the relationship between the adoption of Fintech and the other independent
variables. The first step in the moderation analysis was to create standardized values for the
variables. Standardizing variables helps in preventing multicollinearity issues. The variables that
were standardized included cost-related factors, technology-related factors, customer-related
factors and preparedness for FinTech adoption. The next step was to calculate the interaction effect
by multiplying the independent and moderator variables followed by performing a linear
regression to test the interaction effect using a model that contains the independent variables and

the interaction terms. Table 4.18 presents a summary of the regression findings.

69



Table 4.18: Summary of the Moderated Regression Analysis

Model R R Square Adjusted R Std. Error of the
Square Estimate

2 .984? .968 966 .19586
a. Predictors: (Constant), INT (TF*PR), Technology Related Factors, Cost-related Factors,
INT (COF*PR), INT (CUF*PR), Preparedness for Fintech Adoption, Customer Related
Factors

The results presented in Table 4.18 show an R-square of 0.968, indicating that the independent
variables included in the model explain 96.8% of the variance in the dependent variable, which
suggests a strong predictive model. Table 4.20 shows that the R-square change of 0.003 was not
significant (P > 0.05).

Table 4.19: ANOVA Results for Moderated Regression Analysis

Model Sum of df Mean F Sig.
Squares Square
2 Regression 160.998 7 23.000 | 599.55 .000P
8
Residual 5.371 140 .038
Total 166.369 147

a. Dependent Variable: FinTech Adoption
b. Predictors: (Constant), INT (TF*PR), Technology Related Factors, Cost-related

Factors, INT (COF*PR), INT (CUF*PR), Preparedness for Fintech Adoption, Customer
Related Factors
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Table 4.20: Summary of Model Change

Model
1 2
R 9828 | .984°
R Square 965 .968
Adjusted R Square .964 .966
Std. Error of the Estimate 20304 | .19586
Change Statistics
R Square Change .965 .003
F Change 973.15 4.558
8

dfl 4 3

df2 143 140

Sig. F Change .000 125
a. Predictors: (Constant), Preparedness for Fintech
Adoption, Cost-related Factors, Technology Related
Factors, Customer Related Factors
b. Predictors: (Constant), Preparedness for Fintech
Adoption, Cost-related Factors, Technology Related
Factors, Customer Related Factors, INT (TF*PR), INT
(COF*PR), INT (CUF*PR)
c. Dependent Variable: FinTech Adoption

Table 4.21: Coefficients for Moderated Regression Analysis

Model Unstandardized Standardized t Sig.
Coefficients Coefficients
B Std. Error Beta

2| (Constant) 1.926 .355 5.421 .000
Cost-related Factors -.289 .065 =227 | -4.467 .000
Customer Related .053 131 .058 401 .689
Factors
Technology Related 313 111 .345 2.835 .005
Factors
Preparedness for .280 .094 .349 2.970 .004
Fintech Adoption
INT (COF*PR) -.249 .076 -.201 | -3.270 251
INT (CUF*PR) -.210 124 -178 | -1.693 .093
INT (TF*PR) -.038 105 -.034 -.360 720

a. Dependent Variable: FinTech Adoption
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The findings in Table 4.21 indicate that the moderation effect of preparedness on all the
independent variables was not significant (p > 0.05). There was no change in the direction of the
regression coefficients for the direct determinants. Therefore, it can be concluded that preparedness
is not moderator of the effect of cost-related, technology-related and customer-related factors on

the adoption of FinTech by commercial banks in Kenya.
4.6 Chapter Summary

This chapter has outlined the results of the study. The response rate attained was 87%. The
regression model suggested that 96.5% of the variance in the adoption of FinTech by commercial
banks in Kenya can be explained by the independent variables incorporated in the model, which
include cost-related factors, customer-related factors, technology-related factors and preparedness
for FinTech adoption. The model showed that cost-related factors, technology-related factors and
preparedness of Fintech adoption were significant predictors while customer-related factors was
an insignificant predictor. In addition, the results indicated that preparedness of Fintech adoption
was not a significant moderator of the effect of cost-related factors, customer-related factors, and

technology-related factors on the adoption of FinTech by commercial banks in Kenya.
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CHAPTER FIVE
DISCUSSION, CONCLUSION AND RECOMMENDATIONS
5.1 Introduction

The general objective of this research was to examine the factors that influence the adoption of
FinTech by banks in Kenya and the moderating effect of preparedness on the factors that influence
adoption. This chapter discusses the key findings of this research. The structure of this chapter is
as follows: section 5.2 is the discussion of findings, 5.3 presents the conclusions, 5.4 outlines the
recommendations, 5.5 describes the limitation of the present study and the suggestions for further

research, and 5.6 is the summary of the chapter.

5.2 Summary of Main Results

The results also showed a significant negative effect of cost-related factors on the adoption of
Fintech by commercial banks in Kenya. These results suggest that reducing cost-related factors
can improve the adoption of FinTech by commercial banks in Kenya. Cost-related factors,
including direct financial costs, switching costs from legacy systems, learning curve costs, and low

expected improvements in bank performance hinder the adoption of FinTech by these banks

Secondly, the findings showed an insignificant positive effect of customer-related factors on the
adoption of FinTech by commercial banks in Kenya. These results imply that customer-related
factors, including technological literacy of customers, awareness of FinTech amongst customers
and demographic-based customer segmentation, do not influence the adoption of Fintech by

commercial banks in Kenya.

The results also showed a significant positive effect of technology-related factors on the adoption
of Fintech by commercial banks in Kenya. These results suggest that improving technology-related
factors can improve the adoption of FinTech by commercial banks in Kenya. In this respect,
FinTech adoption can be improved by reducing reliance on legacy systems, making FinTech

compatible with banking systems and processes, and developing secure FinTech.

The findings also indicated significant positive effect of preparedness on the adoption of Fintech
by commercial banks in Kenya. These results suggest enhancing preparedness can improve the
adoption of FinTech by commercial banks in Kenya. Preparedness can be enhanced by adopting
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digital innovation strategies, improving technical capabilities and human resource capabilities,

being agile and adaptable, and partnering with FinTech companies
5.3 Discussion of Findings
This section presents a discussion of the results based on the objectives of this research.

5.3.1 Cost-related Factors and FinTech Adoption

The first objective of this research was to determine the effect of cost-related factors on the
adoption of Fintech by commercial banks in Kenya. The cost-related factors that were investigated
in this research are direct financial costs, switching costs from legacy systems, learning curve
costs, and expected improvements in bank performance. The findings from this study indicated
that cost-related factors have a significant negative effect on the adoption of FinTech by
commercial banks in Kenya. This result is consistent with the theoretical propositions of Diffusion
of Innovation (DOI). According to DOI, the cost of adopting FinTech can lower its relative
advantage compared to legacy banking systems.; thus, it can be expected that cost will be

negatively associated with FinTech adoption.

In addition, the negative effect of cost-related factors reported in the current study is also consistent
with the findings of previous studies. For instance, Yadav et al. (2020) reported that high initial
costs and capital investments was one of the significant barriers to the adoption of Blockchain
technologies. In the same way, Oliva et al. (2020), demonstrated that cost is a significant barrier
to the uptake of sustainable farming technologies. Baumers et al. (2017) also identified cost as
factor that hinders the adoption of additive manufacturing technologies, especially 3-D printing.
Xu (2020) reported reported that high cost of capital hinders innovation in Chinese banks. Gezu
and Sintayehu (2017) observed that high investment costs constituted a significant barrier towards
the adoption of e-banking by Ethiopian bank. lwashita (2022) attributed low FinTech adoption by
banks to high switching costs. Therefore, the findings of the current study regarding the negative
effect of cost-related factors on the adoption of FinTech is consistent with the findings of past

studies.
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5.3.2 Customer-related Factors and FinTech Adoption

The second objective of this research was to determine the effect of customer-related factors on
the adoption of FinTech by commercial banks in Kenya. The customer-related factors that were
examined included technological literacy of customers, awareness of FinTech amongst customers
and customer demographics. The findings from this research showed that these customer-related
factors did not have a significant effect on the adoption of FinTech by commercial banks in Kenya.
These findings are not aligned with the propositions of Technology Acceptance Model (TAM),
especially with respect to the concept of perceived usefulness. According to TAM, banks that
perceive FinTech as being useful for its target customers are expected to have a higher adoption
rate compared to those that view this technology as being unimportant for their customers
(Chowdhury & Hussain, 2022). However, this study showed that customer-related factors are

insignificant in influencing the decision by banks in Kenya to adopt FinTech.

In addition, previous studies have documented the significant effect of customer-related factors on
FinTech adoption. Studies show that demographic characteristics influence attitudes towards
FinTech adoption by consumers (Alshari & Lokhande, 2022; Das & Das, 2020; Frost, 2020;
Mutiso & Wepukhulu, 2018; Solarz & Swacha-Lech, 2021). These studies suggest that the target
customer segments of a bank determine its propensity to adopt Fintech in the delivery of financial
services. Studies also indicate demographic differences in the use and awareness of FinTech. For
instance, Alshari and Lokhande (2022) reported that the intent to use FinTech was higher among
younger, educated and high-income customers. Frost (2020) reported that younger consumers have
a higher likelihood of trusting and using FinTech services. Mutiso and Wepukhulu (2018) found
that younger bank customers in Kenya were more likely to use online banking compared to older
ones. While other studies show that customer-related factors are significant in influencing FinTech

adoption.

While this study reported a positive relationship between customer-related factors and FinTech
adoption, this relationship was insignificant. A possible explanation for this non-significant
finding is that the study might have been underpowered (Bell et al., 2022). Alternatively, this
finding can be explained in terms of banks not collecting information regarding the technological
literacy and FinTech awareness amongst their customers (Singh et al., 2020). Moreover, there is

the possibility that banks do not segment their customers based on demographics (Das & Das,
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2020; Frost, 2020). As a result, customer-related factors might not be considered when making the

decision to adopt FinTech.
5.3.3 Technology-related Factors and FinTech Adoption

The third objective of this research was to examine the effect of technology-related factors on the
adoption of FinTech by commercial banks in Kenya. The technology-related factors that were
examined included reliance on legacy systems, compatibility of FinTech and security of FinTech.
This study showed that technology-related factors have a significant effect on the adoption of
FinTech by commercial banks in Kenya. This finding is aligned with the tenets of DOI, which
posits that relative advantage, compatibility, trialability and observability are positively associated
with adoption rate whereas complexity is negatively associated with adoption (Lin & Atkin, 2014).
In the banking sector, security and privacy are important considerations when adopting innovations
(Juita et al., 2022). Innovations that threaten the security and privacy of banks and their customers
are less likely to be adopted; however, in this study, respondents had minimal concerns regarding
the security of FinTech, which was expected to positively influence adoption. Overall, this study
reveals the technological attributes of FinTechs that can encourage their adoption by commercial
banks in Kenya.

In addition, the positive effect of technology-related factors reported in the current study is
consistent with the findings of previous studies. For instance, Kyari and Akinwale (2020) showed
that an in-house Research and Development activities, acquisition of hardware technology,
acquisition of software technology, and collaborating with external companies involved in the
development of FinTech innovations was positively associated with adoption. Coetzee (2019)
demonstrated that banks that are not risk-averse, conservative and reliant on legacy systems have
a higher likelihood of FinTech adoption compared to those that are conservative and depend on
their legacy systems. Overall, the findings from these study augment existing evidence on the

significant effect of technology-related factors on the adoption of FinTech.
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5.3.4 Moderating Effect of Banks’ Preparedness on the Relationships between Cost-related
Factors, Customer-related Factors and Technology-related Factors and the Adoption of
FinTech

The fourth objective of this research was to determine the moderating effect of banks’ preparedness
on the relationships between cost-related, customer-related and technology-related factors and the
adoption of FinTech by commercial banks in Kenya. The aspects of preparedness that were
examined included the digital innovation strategies, technical capabilities, human resource
capabilities, adaptability and agility, and partnering with FinTech companies. The findings from
this study showed that preparedness for FinTech adoption is a not a moderator. This finding is
aligned with the propositions of the extended TAM model, which outlines the organizational
characteristics, including preparedness that influences adoption. According to this theory, Banks
that are better prepared to adopt FinTech are expected to have higher rates of adoption compared
to those with low preparedness perceptions. The findings from the current study supported this
proposition by providing evidence showing the positive effect of preparedness on the adoption of
FinTech.

Previous studies also support the positive effect of preparedness on the adoption of FinTech.
Ndungu and Moturi (2020) demonstrated the positive effect of capability of IT infrastructure,
availability of FinTech implementation strategy (digital-led strategies), adequacy of resources for
FinTech implementation (an annual IT budget for acquiring technology infrastructure and new
FinTech solutions), and having competent and skilled staff for implementing and maintaining
FinTech solutions, on the adoption of FinTech in micro-finance institutions. Other elements of
preparedness, such as having digital-led strategies, technical capabilities, human resource
capabilities, and partnering with FinTech companies have been reported to have a positive impact
on the adoption of FinTech (Coffie et al., 2021; Elsaid, 2021; Matsepe & van der Lingen, 2022;
Rahman et al., 2021; Khatun & Tamanna, 2020; Islam et al., 2021). In addition, Dehghani et al.
(2022) and Dawood et al. (2022) reported that the availability of technical knowledge influenced
organization’s decision to adopt financial technologies. The findings from the current study

augment existing literature to show the positive effect of preparedness on the adoption of FinTech.
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5.4 Recommendations
5.4.1 Policy Recommendations

The results of this study offer useful insights that can assist policymakers develop policies to
enhance the adoption of FinTech by banks in Kenya. First, policymakers and regulators need to
come up with technology standards for FinTech, especially with respect to their compatibility with
banking systems and security. Regulations to make FinTech compatible with banking systems and
secure can increase the adoption of FinTech by banks. In addition, to address the barriers posed by
costs in adopting FinTech, policymakers can consider tax incentives on FinTech, such as capital
investment allowances on FinTech purchases or acquisitions, to lessen the costs associated with
acquiring and using FinTech.

5.4.2 Managerial Recommendations

Managerial recommendations can be formulated from the findings for managers of banks to help
them increase the adoption of FinTech and be better prepared to mitigate the disruption that
FinTech companies might pose. First, technology-related factors can be improved to enhance
adoption of FinTech. This can be achieved by reducing dependence on legacy systems and
processes. Legacy systems are often built on outdated technology that might not be compatible
with modern FinTech systems, which can lead to challenges, such as data migration. Migrating
into modern platforms can make it easy for banks to adopt FinTech. Secondly, managers can
enhance the preparedness of their banks by adopting digital innovation strategies, improving
technical capabilities and human resource capabilities, being agile and adaptable, and partnering

with FinTech companies.

5.4.3 Theoretical Recommendations

The findings from this study contributes to existing theory on the adoption of FinTech. Notably,
the results obtained from this research validate TAM and DOI as theories that can be used to inform
the adoption of FinTech as a form of innovation. Specifically, this study makes theoretical
contributions regarding the variables that could potentially affect the adoption of FinTech, which
include cost-related factors, technology-related factors and preparedness of banks. Cost-related

factors, such as direct financial costs, switching costs from legacy systems, and learning curve
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costs, are not explicitly outlined in TAM and DOI. Additionally, aspects of preparedness, such as
adopting digital innovation strategies, improving technical capabilities and human resource
capabilities, being agile and adaptable, and partnering with FinTech companies, can be used to
enhance existing theories on FinTech adoption.

5.5 Study Limitations and Suggestions for Further Research

The primary limitation of this study stems its descriptive cross-sectional research design, which
cannot be employed to examine cause and effect relationships. Another limitation of this study is
that the use of primary data collected using questionnaires makes it difficult to ascertain the truth
of the information provided by respondents. Bias from socially desirable responses is a potential
limitation. Besides methodological limitations, conceptual limitations existed in this research. In

particular, this study only focused on commercial banks in Kenya.

From these limitations, further research is heeded using other research designs, like causal
comparative research design, to provide a more accurate understanding of the factors that explain
the variations in FinTech adoption across banks. Consequently, future studies could employ
secondary data to compare FinTech adoption across banks. Future studies can also evaluate
FinTech adoption in other financial institutions, such as insurance companies, investment banks,

credit unions and investment companies.
5.6 Chapter Summary

This chapter has presented the discussion and conclusion of this research. The chapter has also
outlined the recommendations derived from the findings of this study as well as the limitations and

recommendations for future studies.
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APPENDICES
Appendix I: Letter of Introduction

I am Master of Business Administration at Strathmore University Business School. I am conducing
aresearch titled, “Determinants of FinTech Adoption by Commercial Banks in Kenya,” that entails
collecting data for writing and completing a final dissertation as part of the program’s
requirements. The aim of the research is to examine the factors that influence the adoption of
FinTech by commercial banks in Kenya. If you agree to participate, you will complete a
questionnaire that will take about 5-10 minutes of your time. The information obtained from your
participation will be used for academic purposes only and will be treated confidentially. Your

decision to participate is in this study is voluntary. Your participation is greatly appreciated.

If you have any queries, you can call me on 0712886572 or email steven.omamo(@strathmore.edu
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Appendix Il: Participant Information and Informed Consent

DETERMINANTS OF FINTECH ADOPTION BY COMMERCITAL BANKS IN KENYA

SECTION 1: INFORMATION SHEET

Investigator: Steven Oduor Omamo

Institutional affiliation: Strathmore Business School (SBS)
SECTION 1: INFORMATION SHEET-THE STUDY
2.1: Why is this study being carried out?

The aim of this research is to determine the factors that influence the adoption of FinTech by commercial
banks in Kenya

2.2: Do I have to take part?

MNo. Taking part in this study is entirely optional and the decizion rests only with you. If you decide to
take part, you will be asked to complete 2 questionnaire to get information on the effect of digital
marketing strategies on your decision to enroll at your university. If you are not able to answer all the
questions successfully the first time, you may be asked to sit through another informational session after
which you tay be asked to answer the questions a second time. You are free to decline to take part in
the study from this study at any time without giving any reasons.

2.3: Who is eligible to take part in this study?

o DManagers working in banks in Kenya, including branch, information technology, business
development, operations, marketing and research and human resources managers

¢ Those aged 18 and above
2.4: Who is not eligible to take part in this study?

o Danagers in non-bank institutions
¢ Those aged below 18 years
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2.5: What will taking part in this study invelve for me?

You will be approached by Steven Omamo and requested to take part in the study. If you are satisfied
that you fully understand the goals behind this study, you will be asked to sign the informed consent
form (this form) and then taken through 2 questionnaire to complete.

2.6: Are there any risks or dangers in taking part in this study?

There are no risks in taking part in this study. All the information you provide will be treated as
confidential and will not be used in any way without your express permission.

2.7: Are there any benefits of taking part in this study?
The information will be used to improve the marketing initiatives by private universities
2.8: What will happen to me if I refuse to take part in this study?

Participation in this study 1s entirely voluntary. Even if yvou decide to take part at first but later change

your mind, yvou are free to withdraw at any time without explanation.

2.9: Who will have access to my information during this research?

All research records will be stored in securely locked cabinets. That information may be transcribed into our
database but this will be sufficiently encrypted and password protected. Only the people who are closely

concerned with this study will have access to your information. All your information will be kept
confidential.

2.10 : Who can I contact in case I have further questions?

You can contact me, Steven Omamo, at SBS. or by e-mail (steven omamo@strathmore edu), or by
phene (0712886572). You can also contact my supervisor, Dr. Albert Ochieng, at the Strathmore
Business School, Nairobi, or by e-mail (aochieng@strathmore edu).

If you want to ask someone independent anything about this research please contact:

The Secretary—Strathmore University Institutional Ethics Review Board, P. 0. BOX 52857, 00200, Nairobi,
email ethicsreview@strathmore edu Tel number: +234 (03703 034 418

L have had the study explained to me. I have understood all that [
have read and have had explained to me and had my questions answered satisfactonly. [ understand that
I can change my mind at any stage.

Pleaze tick the boxes that apply to you;
Participation in the research study

I AGREE to take part in this research

I DON'T AGEREE to take part in this research
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Storage of information on the completed questionnaire

I AGREE to have my completed questionnaire stored for future data analysis

I DON'T AGREE to have my completed questionnaire stored for future data analysis

Participant’s Signature: Date: / I
DD/ MM/ YEAR
Participant’s Name: Time: __|
{Please print name) HR / MN
L (Name of person taking consent) certify that [ have followed the SOP for

this study and have explained the study information to the study participant named above, and that s'he
has understood the nature and the purpose of the study and consents to the participation in the study. S'he
has been given opportunity to ask questions which have been answered satisfactorily.

Investigator’s Signature: Date: /. /.
DD/ MM/ YEAR
Investigator’s Name: Time: ______/

(Please print name) HR 7/ MN
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Appendix I11: Ethical Approval and NACOSTI License

Strathmore
UNIVERSITY

T

27 March 2024

Dear Mr. Steven Omamo

RE: Determinants of FinTech Adoption by Commercial Banks in Kenya

This is to inform you that SU-ISERC has reviewed and Approved your above research proposal. Your
application reference number is SU-ISERC2053/24, The approval period is valid for exactly one year from

today.

This approval is subject to compliance with the following requirements:

1.

2.

=l

7.

Only approved documents including (informed consents, study instruments, MTA) will be used.
All changes including (amendments, deviations, and violations) are submitted for review and approval
by SU-ISERC.

. Death and life-threatening problems and serious adverse events or unexpected adverse events whether

related or unrelated to the study must be reported to SU-ISERC within 72 hours of notification.

. Any changes anticipated or otherwise that may increase the risks or affected safety or welfare of study

participants and others or affect the integrity of the research must be reported to SU-ISERC within 72
hours.

. Clearance for the export of biological specimens must be obtained from relevant institutions.
. Submission of a request for renewal of approval at least 60 days prior to the expiry of the approval

peried. Attach a comprehensive progress report to support the renewal.
Submission of an executive summary report within 90 days of completion of the study to SU-ISERC.

Before commencing your study, you will be expected to obtain a research license from the National
Commussion for Science, Technology, and Innovation (NACOSTI) https:/fresearch-portal.nacosti. go ke/ and
obtain other clearances needed.
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NATIONAL COMMISSION FOR
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Fef Mo: 171602 Date of Tsspe: 1T/A pril2024

RESEARCH LICENSE

This is to Certify that Mr.. Steven Oduor Omame of Strathmaore University, has been licensed to conduet research as per the
provision of the Sclence, Technology and Innovation Act, 2003 (Rev. 2004) in Busia, Embu, Kericho, Kiambu, Kisumu, Machakios,
Mombasa, Nairobi, Nakuru, Siaya on the topic: DETERMINANTS OF FINTECH ADOPTION BY COMMERCIAL BANKS IN
KENYA. for the period ending : 17/April/2025.

License No: NACOSTLP/ 24034411
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Applicant Identificdtion Number Director General
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MOTE: This is a computer gencrated License. To verify the authenticity of this document,
Scawthe QR Code using QR scinner application.

See overleafl for conditions
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Appendix 1V: Research Questionnaire

Section 1: Basic Information (Please tick in the appropriate box)

1. What is your age?

18-25
26-35
36-45
46-55
56 and above

2. What is your gender

Male
Female

3. What is the highest level of education you attained?

Bachelor’s degree
Master’s Degree
PhD

4. What is your department?

Branch manager

HR manager
Operations manager

IT Manager

Business Development
Marketing and research

Section 2: Cost-related Factors
How does your bank perceive level of the following types of costs associated with adopting
FinTech? (Please tick appropriate box) [1 — strongly disagree, 2 — disagree, 3 — neither disagree

nor agree, 4 — agree, 5 — strongly agree]

| [1]2]3[4]5]
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The financial cost of acquiring and maintaining FinTechs is high

It will be costly to switch from our legacy systems to adopt FinTech

The costs of training our personnel on FinTechs is high

The expected improvement in bank performance after adopting FinTech is
low

Section 3: Customer-related Factors
To what extent does your bank target the following segments of customers

(Please tick the appropriate box)

Yes | No

Our customers have a high technological literacy
Our customers are aware of FinTechs
We segment our customers based on demographics

Section 4: Technology-related Factors
Rate the following statements regarding the technological characteristics of Fintech as they relate
to your bank

Please tick appropriate box) [1 — very low, 2 — low, 3 — moderate, 4 — high, 5 — very high]

112|3]4]5

We are a conservative bank that is extremely reliant on our legacy systems
FinTech might not be compatible with our systems and processes
The security of FinTech is a major concern for our bank

Section 5: Preparedness for FinTech Adoption
Rate the following statement in terms of how your bank is prepared to implement FinTech.
(please tick the appropriate box [1 — strongly disagree, 2 — disagree, 3 — neither disagree nor

agree, 4 — agree, 5 — strongly agree]

We have a digital innovation strategy — the bank envisions a future of digital
banking

Technical capabilities — technical infrastructure needed to implement
FinTech is available
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Human resource capabilities — the bank has adequate skilled staff for
FinTech

Adaptable and agile — the bank can rapidly adapt to changes in the market

Partnering with FinTech — the bank has partnered with or acquired FinTech
companies

Section 6: FinTech Adoption

Rate the extent to which your bank incorporated FinTech in the following functions:

Please tick appropriate box) [1 — very low, 2 — low, 3 — moderate, 4 — high, 5 — very high]

1/2]3

Payments

Lending

Personal banking
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Appendix V: List of Commercial Banks in Kenya

ABSA Bank Kenya PLC

Access Bank (Kenya) PLC

African Banking Corporation Limited
Bank of Africa Kenya Limited

Bank of Baroda (Kenya) Limited
Bank of India

Citibank N.A Kenya

Commercial International Bank (CIB) Kenya Limited
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Consolidated Bank of Kenya Limited

=
o

. Cooperative Bank of Kenya Limited
. Credit Bank PLC

e
N

. Development Bank of Kenya Limited

=
w

. Diamond Trust Bank Kenya Limited
. DIB Bank Kenya Limited

el
[S2 I N

. Ecobank Kenya Limited

[EY
»

. Equity Bank Kenya Limited

. Family Bank Limited

. Guranty Trust Bank (K) Ltd

. Guardian Bank Limited

. Gulf African Bank Limited

. Habib Bank A.G Zurich

. I&M Bank Limited

. KCB Bank Kenya Limited

. Kingdom Bank Limited

. Middle East Bank (K) Limited
. M-Oriental Bank Limited

. National Bank of Kenya Limited
. NCBA Bank Kenya PLC

N DD DD D DN DD DD DD NN DN PP
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. Paramount Bank Limited

w
o

. Premier Bank Kenya Limited
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31. Prima Bank Limited

32. SBM Bank Kenya Limited

33. Sidian Bank Limited

34. Spire Bank Ltd

35. Stanbic Bank Kenya Limited

36. Standard Chartered Bank Kenya Limited
37. UBA Kenya Bank Limited

38. Victoria Commercial Bank PLC
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